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Avant-propos

Les éditeurs de cet ouvrage ont voulu réunir des contributions axées sur le théme central de
préoccupation pour ceux qui veulent faire de I'Union européenne « une économie dont la croissance
sera de plus en plus basée sur la connaissance et les savoirs ». L’objectif de la formation tout au long
de 1a vie a plusieurs dimensions : une dimension d’éducation et de formation générale, une dimension
de reprise de formation professionnelle 2 tout dge dans une économie et une sociét€ o les évolutions
technologiques et institutionnelles sont rapides, une dimension sociale de nouvelle chance de re-
qualification aux différents Ages ou d’ascension dans la carriere professionnelle, et enfin une
dimension géographique, la construction européenne puis 1’approfondissement de I’intégration
européenne et I’élargissement impliquant des mobilités choisies mais aussi des besoins corrélatifs
d’acquisitions de nouvelles compétences a différents moments de la carriére professionnelle.

En fait, face a des évolutions nouvelles, la demande de formation tout au long de la vie va &tre
puissamment propulsée : 1’offre de formation doit donc aujourd’hui s’adapter, créer, se diversifier
pour reconnaitre de nouveaux segments de besoins spécifiques.

Les nouvelles générations emprunteront dans 1’espace européen de I’enseignement et de la
formation et tout au long de leur vie professionnelle des sentiers qui devront étre étudiés par des
méthodes d’analyse longitudinale. On connait I’intérét de ces méthodes et les travaux réunis dans cet
ouvrage pourront donc servir de points d’ancrage pour les travaux futurs.
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Les déterminants des réussites professionnelles

Christine Gonzalez-Demichel, Emmanuelle Nauze-Fichet

La réussite professionnelle peut étre appréciée de diverses manieres. En premiére approche, elle
peut étre caractérisée par ’acces aux rémunérations les plus élevées ou par I’accés aux catégories
socioprofessionnelles les plus valorisées, salariées ou non salariées (cadres, professions intellectuelles
supérieures, chefs d’entreprise). L’acces a I’autonomie professionnelle a travers le statut de non-salarié
(mise a son compte comme indépendant ou employeur) peut également constituer en soi une approche
de la réussite, lorsque ce n’est pas au prix d’une trop grande incertitude sur les revenus. Dans le cadre
de cette étude, nous nous concentrerons sur la réussite salariale, compte tenu de la part toujours
croissante du salariat dans I’emploi et, également, sous contrainte de la source statistique utilisée,
I’enquéte Emploi de I'Insee, laquelle ne permet malheureusement pas d’apprécier les revenus
d’activité des non-salariés. Des travaux récents sur les revenus des non-salariés a partir de la derniére
enquéte sur les revenus fiscaux (Rouault, 2001) offrent une référence pertinente sur ce théme a part
entiére.

Les grands déterminants des réussites professionnelles, et donc de la réussite salariale, sont bien
connus. Le rdle de la formation initiale est prépondérant tout au long de la carriére professionnelle. A
cdté de ce role, certaines caractéristiques individuelles jouent fortement, comme le sexe et I’origine
sociale, cette derniere déterminant d’ailleurs en partie le bagage éducatif, mais également les facilités
d’acces A certains réseaux relationnels. A c6té de ces facteurs certes prépondérants, dont on rappellera
dans un premier temps I’importance, d’autres critéres entrent en compte dans les disparités de parcours
professionnels, qui peuvent tenir a des aptitudes individuelles autres que celles appréciées par le
niveau de diplome, ou a des stratégies de carriéres plus ou moins pertinentes (choix de secteur
d’activité, de type d’entreprise, stratégies de mobilité, de formation professionnelle...). C’est I’impact
de ce dernier aspect que nous nous attacherons a cerner dans un deuxie¢me temps, méme s’il est clair
que son rdle ne peut étre que secondaire a c6té de celui des facteurs précédemment cités.

Cette étude vise donc a repérer les différents facteurs secondaires qui influent sur la réussite
salariale et constitue un premier cadrage, lequel sera complété par des analyses spécifiques plus
détaillées.

1. Le role déterminant du bagage initial : sexe, formation initiale, origine sociale

Le niveau de formation initiale a un impact déterminant sur 1’accés aux professions salariées les
plus valorisées ou aux rémunérations salariales les plus élevées, impact qui joue nettement tout au long
de la carriere professionnelle (cf. tableaux 1 et 2). Ainsi, la part des cadres et professions intellec-
tuelles supérieures chez les hommes salariés non titulaires d’un dipléme supérieur n’atteint pas 50 %,
méme 30 ans aprés leur sortie du systéme scolaire. Au contraire, chez les titulaires de diplomes
supérieurs, cette proportion passe de 67 % dés leur sortie du systéme éducatif, a 85 % au bout de 30
ans. Les deux tableaux mettent également en évidence les disparités bien connues entre hommes et
femmes. Les disparités sur les salaires mensuels, observées ici sur les seuls emplois a temps complet,
sont amplifiées au sein de I’emploi salarié total, compte tenu de 1’importance du temps partiel féminin.



Tableau 1 — Part dans I’emploi salarié des cadres et professions intellectuelles supérieures (en %)

Ancienneté de sortie du systéme scolaire
Moins de S ans De 5 210 ans De10a19ans | De 204329 ans 30 ans ou plus

Hommes :
- Aucun dipléme ou CEp 0,5 0,5 1,4 2,3 3,0
- BEPC seul 0,7 2,2 5,9 9,7 21,0
- CAP, BEP ou équivalent 0,0 0,3 2,3 4,4 7,3
- Baccalauréat ou équivalent 1,5 2,3 11,1 24,6 35,0
- Baccalauréat + 2 ans 8,4 15,1 31,9 41,1 48,5
- Diplome supérieur 67,2 72,5 80,2 84,7 85,3

Ensemble 16,4 18,4 17,4 18,7 16,5
Femmes :
- Aucun dipléme ou CEP 2,0 1,9 0,5 0,4 1,1
- BEPC seul 0,0 0,0 2,6 2,8 6,4
- CAP, BEP ou équivalent 0,0 04 0,6 1,9 3,5
- Baccalauréat ou équivalent 1,1 1,2 53 79 16,9
- Baccalauréat + 2 ans 2,9 5,1 11,9 12,4 174
- Dipléme supérieur 38,2 50,5 584 69,4 72,5

Ensemble 11,7 138 11,5 10,3 87

Source : Enquéte Emploi 2001 (Insee).

Champ : ensemble des salariés (hors contingent) ayant achevé leurs études initiales.

Tableau 2 — Salaire mensuel &4 temps complet médian (en francs)

Ancienneté de sortie du systéme scolaire
Moins de 5 ans De 5 210 ans De10a19ans | De202a29ans | 30 ans ou plus

Hommes :
- Aucun dipléme ou CEP 5901 6500 7333 8000 8500
- BEPC seul 6681 7200 8259 10000 11375
- CAP, BEP ou équivalent 6500 7000 8025 9265 9809
- Baccalauréat ou équivalent 7000 8000 9833 12000 14055
- Baccalauréat + 2 ans 8000 9500 11917 14351 16000
- Diplome supérieur 12000 13667 17333 20500 21117

Ensemble 7400 8261 9000 10000 10000
Femmes :
- Aucun dipléme ou CEP 5632 5780 6175 6508 6999
- BEPC seul 6000 6486 7042 7650 9208
- CAP, BEP ou équivalent 5958 6400 7036 7755 8561
- Baccalauréat ou équivalent 6228 6700 8267 9750 11287
- Baccalauréat + 2 ans 7750 8500 10250 12000 12852
- Diplome supérieur 9350 10875 12700 14300 15917

Ensemble 7258 7800 8175 8667 8667

Source : Enquéte Emploi 2001 (Insee).

Champ : ensemble des salariés A temps complet (hors contingent) ayant achevé leurs études initiales.

Tableau 3 - Taux de chémage (en %)

Ancienneté de sortie du systéme scolaire
Moins de 5 ans De 5410 ans De10a19ans | De20a29ans | 30 ans ou plus

Hommes :
- Aucun dipléme ou CEP 41,0 25,6 154 9,8 7,7
- BEPC seul 329 17,2 11,1 5,0 3,8
- CAP, BEP ou équivalent 12,8 10,6 5,1 4.4 4,2
- Baccalauréat ou équivalent 12,5 58 54 4,5 3,5
- Baccalauréat + 2 ans 8,7 5.1 33 3,0 4.8
- Dipldme supérieur 8,8 33 2,7 34 3,7

Ensemble 15,5 9,2 6,9 55 5,5
Femmes :
- Aucun dipléme ou CEP 50,2 36,4 27,2 17,5 9,8
- BEPC seul 31,9 31,8 16,4 10,5 7.5
- CAP, BEP ou équivalent 29,5 17,4 11,9 8,0 7.4
- Baccalauréat ou équivalent 17,5 12,1 8,7 6,1 6,6
- Baccalauréat + 2 ans 94 6,1 5.7 3,5 3,7
- Dipl6éme supérieur 10,2 59 54 2,9 2,5

Ensemble 18,3 132 11,9 9,1 7,9

Source : Enquéte Emploi 2001 (Insee).

Champ : ensemble des actifs (hors contingent) ayant achevé leurs études initiales.




Par ailleurs, I’impact de la formation initiale et du sexe sur I'acceés aux « meilleurs » emplois
salariés est encore plus marqué que ne le suggere cette premicre approche, étant données les disparités
affectant également le simple acceés a I’emploi, comme I’illustre la comparaison des taux de chdmage
(cf. tableau 3). Ces disparités sont tout particulierement perceptibles au cours des cinq premicres
années de sortie du systéme scolaire. Ainsi, pour les hommes, 41 % des non diplomés et 33 % des
titulaires du BEPC subissent alors le chdmage contre a peine 9 % des titulaires d’un DEUG ou d’un
dipldme supérieur. Pour les femmes, le taux de chdmage des salariés ayant moins de cinq ans
d’ancienneté est par ailleurs plus élevé en moyenne de 3 points par rapport a celui des hommes.

Un autre facteur déterminant dans les chances de réussite professionnelle est le bagage social,
qui peut &tre appréhendé en premiere approche par la catégorie socioprofessionnelle du pére. Celui-ci
joue clairement sur la réussite scolaire, premier atout de réussite professionnelle. Ainsi, étre fils
d’agriculteur ou d’ouvrier diminue significativement les chances de décrocher un diplome d’études
supérieures, alors qu’étre fils de cadre, par exemple, en accroit nettement les chances (cf. tableau 4).

Tableau 4 - Répartition de la population selon le diplome
et la catégorie socioprofessionnelle du pére (en %)

Fréquences observées et théoriques, sous I’hypothése d’indépendance entre les deux critéres (en italique)

csp du pére Agricul Artisan, Cadre, fossi
griculteur commergant, | profession | Pro ession Employé Ouvrier Ensemble
Diplome exploitant | cpefdrentr. | intell sup. | intermédiaire
Aucun dipléme ou CEP 0,7 38,1
2,9
BEPC seul 0,5 73
CAP, BEP ou équivalent 24,2
Bac. ou équivalent 11,6
Baccalauréat + 2 ans 2,3 9,5
1,4 _ 3,9
Dipléme supérieur 0,5 "_ 9 1,2 9,3
1,4 1,2 0,7 0,9 3,7
Ensemble 14,8 12,6 7,7 10,2 40,3 100,0

Source : Enquéte Emploi 2001 (Insee).
Champ : ensemble des personnes ayant achevé leurs études initiales.
Remarque : Les cases grisées reperent les cas de sur-représentation (fréquence observée > fréquence théorique).

Mais, au-dela de cet effet, 1’origine sociale parait expliquer également une partie des disparités
de situations professionnelles & niveau de formation initiale donné. Ainsi, au sein des titulaires d’un
baccalauréat seul, les fils de cadres réussissent relativement mieux, que ce soit en termes d’acces aux
professions salariées les plus valorisées ou d’acceés aux salaires les plus €levés (cf. tableau 5). Par
contre, de maniére étonnante, leur taux de chdmage apparait plus élevé, ce qui peut éventuellement
signifier qu’ils ont davantage les moyens d’attendre un emploi répondant de manicre satisfaisante a
leurs critéres de recherche.

Tableau 5 - Caractéristiques des titulaires du baccalauréat (seul)
selon la catégorie socioprofessionnelle du pére

CSP du pére . Artisan, Cadre, .
Agticulteur | oommercant, | profession | | Profession Employé Ouvrier Ensemble
exploitant chef d’entr. intell. sup. intermédiaire
Taux de chdmage (%) 43 8,2 9,0 8,3 73 8,0 7,7
Part de cadres
dans I’emploi salarié (%) 8,4 13,5 19,3 12,4 10,3 6,5 104
Salaire & temps complet
médian (francs) 9385 9500 9917 9208 9000 8500 9000

Source : Enquéte Emploi 2001 (Insee).

Champ : ensemble des personnes ayant achevé leurs études initiales, titulaires d’un baccalauréat seul.




Enfin, le statut de la mére parait avoir un impact sensible sur le nivean de formation initiale
atteint par les personnes, jouant 1a encore par ce biais sur les chances de réussite professionnelle (cf.
tableau 6). On observe en effet que la probabilité d’atteindre ou de dépasser le niveau du baccalauréat
augmente significativement pour les enfants de meres actives par rapport aux enfants de méres
inactives (plus précisément, ne travaillant pas et n’ayant jamais travaill§), malgré leur moindre
disponibilité a priori d’encadrement ou de soutien des études. Cet écart s’explique sans doute en partie
grice au soutien supplémentaire pour le financement des études que représente le revenu professionnel
de la mere, ainsi que par une certaine émulation pouvant concerner les filles. Cet effet apparait
d’ailleurs plus marqué pour les femmes, la probabilité étant accrue de 12 points contre 9 points pour
les hommes.

Tableau 6 - Pourcentage de diplomés du baccalauréat ou d’études supérieures
selon le statut de la mére (en %)

Mere active

Meére inactive

Hommes
Femmes

35
42

26
30

Source : Insee, Enquéte Emploi 1997 et Enquéte complémentaire « Jeunes et carrieres ».
Champ : ensemble des personnes de 30 2 45 ans.

2. A la recherche de critéres de réussite relative

Le bagage initial explique donc une part essentielle des disparités de carriéres professionnelles.
Ainsi, a catégorie donnée de sexe et d’ancienneté de sortie du systéme scolaire, le niveau de dipléme
explique de I’ordre de 30 4 40 % des écarts de rémunération entre les personnes occupant un emploi
salari€ a temps plein (cf. tableau 7). Malgré tout, plus de la moitié des disparités de salaires reste
inexpliquée. Il existe donc un certain nombre d’autres critéres secondaires qui entrent en compte,
pouvant tenir a d’autres caractéristiques initiales (dont, comme on I’a vu, [’origine sociale), & un
facteur « chance », mais aussi, ce que 1’on s’attachera A mettre en évidence ci-dessous, i des stratégies
de carriere et de formation professionnelle.

Tableau 7 - Variance des salaires mensuels 2 temps complet expliquée par le diplome (*)

Ancienneté de sortie du systéme scolaire
Moins de 5 ans De 5410 ans De10a19ans | De 20429 ans 30 ans ou plus
Hommes 0,43 0,43 0,42 0,41 0,36
Femmes 0,31 0,39 0,38 0,40 0,36

Source : Enquéte Emploi 2001 (Insee).
Champ : ensemble des salariés & temps complet (hors contingent) ayant achevé leurs études initiales.
(*) Apres élimination des observations relatives aux centiles extrémes, pour chaque catégorie de sexe et d’anciennets.

Pour mettre en €vidence ces autres facteurs, I’analyse qui suit est centrée sur la réussite au sens
des salaires. Le champ d’étude est par ailleurs limité aux salariés dgés de 30 a 54 ans, ages au cceur
du cycle de vie active. En effet, avant 30 ans, le parcours des plus dipldmés est trop limité pour mettre
en évidence des stratégies spécifiques et, aprés 54 ans, les sorties d’activité augmentent fortement,
réduisant la encore le champ d’analyse. Par ailleurs, étant donné le poids, dans les disparités de
salaires, du sexe, de 1’ancienneté et du niveau de formation initiale, nous nous intéresserons i présent a
des réussites « relatives », a critéres donnés. Plus précisément :

« Une personne en emploi salarié sera considérée comme ayant « relativement » réussi si elle gagne
mieux que 90 % des salariés appartenant a la méme catégorie croisée de sexe, d’dge quinquennal et
de niveau de diplome. »

Partant de cette approche, nous rechercherons des critéres susceptibles de caractériser
I’ensemble du groupe de ceux qui ont relativement réussi (critéres transversaux) ou des critéres jouant
différemment selon le niveau de diplome, le sexe ou I’ancienneté (critéres spécifiques). Le principe
retenu consiste 2 comparer systématiquement les taux de réussite relative, en moyenne de 10 %, en
présence ou en I’absence de tel ou tel critere. Cette méthode permet d’effectuer des regroupements



entre dipldmes, sexes et anciennetés tout en tenant compte des disparités liées a ces facteurs, faute de
quoi I’analyse se heurterait 2 des problémes systématiques d’effectifs insuffisants. Voici, a partir de
cette méthode, les principaux résultats obtenus.

2.1 Le choix public/privé

Le secteur privé offre en moyenne de plus grandes opportunités de réussite salariale, mais cet
avantage est moins marqué pour les femmes et tend a s’inverser pour les moins dipldmés. Ainsi, les
salariés titulaires d’un dipléme supérieur au DEUG auraient nettement intérét a travailler dans le secteur
privé, leur probabilité d’acces au dernier décile de salaire de leur catégorie de sexe, d’ancienneté et de
dipléme étant accrue en moyenne de 9 points pour les hommes et de 8 points pour les femmes.
Inversement, les salariés sans dipldme ou titulaires du seul certificat d’études ont une probabilité de
réussite relative supérieure dans le secteur public, de 4 points pour les hommes et de 6 points pour les
femmes.

Tableau 8 — Ecarts de taux de réussite entre secteurs privé et public (en points)

Aucun diplome CAP, BEP Baccalauréat Baccalauréat Diplome

ou CEP BEPC seul ou équivalent ou équivalent + 2 ans Supérieur
Hommes -4,2 +2,5 +2,1 +7,9 +10,5 +9,0
Femmes -5,7 +0,2 -1,4 +1,1 +6,9 +7,8

Source : Enquéte Emploi 2001 (Insee).

Champ : salariés de 30 & 54 ans.

Lecture : Pour une catégorie donnée de sexe, d’dge quinquennal et de diplome, travailler dans le secteur privé plutét que
dans le secteur public augmente de x points (ou diminue de -x points) la probabilité d’accés au dernier décile de salaire de la
catégorie (qui est en moyenne de 10 %).

Il importe de rappeler ici qu’en 2000, a dipléme, sexe et age décennal €gaux, les salaires
médians du secteur public (3 fonctions publiques') étaient supérieurs de 4 % en moyenne a ceux du
secteur privé (Insee, 2002). Néanmoins, la dispersion des salaires individuels est plus grande dans le
secteur privé, de 50 % en moyenne. En particulier, elle est encore plus importante pour les hommes et
les plus diplémés. De fait, pour les hommes titulaires d’un dipléme supérieur, les salaires du privé sont
supérieurs & ceux du public et ce, a tous les Ages. Pour les femmes diplomées du supérieur, les
différences entre les deux secteurs ne sont pas significatives, sauf entre 30 et 39 ans ot les salaires du

privé sont également supérieurs a ceux du public.

Le choix du secteur privé permet ainsi 2 certains des plus diplomés de profiter de cette plus
grande dispersion des salaires et d’accéder aux salaires les plus élevés. Au contraire, cette dispersion
ne joue pas favorablement pour les moins diplomés, en regard des opportunités du secteur public.

2.2 Les différences sectorielles, dans le secteur privé

Quels que soient le sexe et le niveau de diplome, certains secteurs privés ressortent comme plus
opportuns en termes de rémunération, & savoir les industries des biens de consommation ou les
activités financieres, & I'inverse de I’agriculture (ou mieux vaut sans doute &tre non salari€), des
industries agricoles et des activités privées dans le secteur éducation, santé, action sociale. Il existe
quelques secteurs relativement plus opportuns pour les moins dipldmés, comme I’énergie pour les
hommes ou les activités immobiliéres pour les femmes. Par ailleurs, on observe d’importantes
différences selon le sexe, les femmes ayant notamment des opportunités plus marquées de gagner des
salaires relativement élevés dans les secteurs industriels, les transports ou les services aux entreprises.
Ce résultat pointe néanmoins surtout I’opposition a certains secteurs du tertiaire, comme les services
aux particuliers, marqués par le poids important d’activités peu valorisées ciblées sur les femmes
(emplois a temps partiel, bas salaires, emplois précaires).

1. Fonction publique d’Etat, Territoriale et hospitaliere.




Tableau 9 - Taux de réussite dans le privé selon le secteur d’activité (en %)

Hommes Femmes
Diplomes inférieurs au Baccalauréat et Diplomes inférieurs au Baccalauréat et
baccalauréat diplomes supérieurs baccalauréat diplomes supérieurs
Agriculture 3,0 12,7

Industrie 11,0 12,2

Industries agricoles 6,3 12,2

Ind. biens de conso.

Industrie automobile

Ind. biens d’équip.

Ind. biens interméd.

Energie

Construction

Tertiaire

Commerce réparation

Transports

Activités financiéres

Activités immobiliéres

Services entreprises

Services particuliers

Education, santé, social — 3,0 4,3 5,3
Administ., associations 7.5 6,3 5,6
Tous secteurs 134 9,6 12,7

Source : Enquéte Emploi 2001 (Insee).

Champ : salariés de 30 a 54 ans.

(1) Dans ce tableau comme dans les suivants, les taux de réussite moyens ne sont pas toujours égaux a 10 %. Ils le seraient
sur I’ensemble des salariés, mais sont calculés ici pour le seul secteur privé.

(2) Les cases grisées reperent les cas ou les taux de réussite relative dépassent de plus de trois points ceux observés en
moyenne pour I’ensemble des secteurs.

2.3 La taille de ’entreprise, dans le secteur privé

Les femmes ont relativement plus d’opportunités de salaires élevés dans les trés grandes
entreprises (100 salariés et plus). Pour les hommes, la taille de [’entreprise apparait moins
déterminante ou, au contraire, pour les plus diplomés, ce sont plutdt les petites structures qui

apparaissent les plus opportunes.

Tableau 10 — Taux de réussite dans le privé et taille d’entreprise (en %)

Hommes Femmes
Diplomes inférieurs au Baccalauréat et Diplomes inférieurs au Baccalauréat et
baccalauréat diplomes supérieurs baccalauréat diplémes supérieurs
Moins de 10 salariés 11,2 14,6 14 10,5
De 10 a - de 100 sal. 89 13,3 9,0 10,8
100 salariés et plus 11,0 124 13,4 17,2
Toutes tailles 10,5 134 9,6 12,7

Source : Enquéte Emploi 2001 (Insee).
Champ : salariés de 30 a 54 ans.

2.4 Ancienneté en entreprise ou mobilité inter-entreprises, dans le secteur privé

Deux types de stratégies de carriére professionnelle peuvent étre comparés : celle basée sur un
parcours de progression a ’ancienneté au sein d’une méme entreprise et celle basée sur une mobilité
inter-entreprises et donc une variété d’expériences professionnelles, chaque changement d’employeur
offrant une opportunité de négocier une nouvelle promotion salariale. Pour comparer les avantages
relatifs de ces deux stratégies, une premiere approche consiste a analyser les écarts de taux de réussite
en fonction de ’ancienneté dans I’entreprise. Les résultats paraissent alors mettre en évidence un net
privilege de la stratégie d’ancienneté (cf. tableau 11).



Tableau 11 — Taux de réussite dans le privé et ancienneté dans I’entreprise (en %)

Hommes ‘Femmes
Diplomes inférieurs au Baccalauréat et Diplomes inférieurs au Baccalauréat et
baccalauréat diplomes supérieurs baccalauréat diplomes supérieurs
Moins d’un an 7,2 11,7 4.8 9,5
De 1 4 moins de 5 ans 94 13,1 4,7 11,2
De 5 4 moins de 10 ans 9,6 13,5 7,1 12,1
10 ans et plus 12,3 14,0 15,3 15,3
Toutes anciennetés 10,5 13,4 92,6 12,7

Source : Enquéte Emploi 2001 (Insee).
Champ : salariés de 30 a 54 ans.

L’analyse est néanmoins trompeuse, car elle illustre vraisemblablement le caractére
dévalorisant, non pas de la mobilité inter-entreprises, mais de parcours marqués par !’instabilité dans
I’emploi (emplois précaires, transitions avec le chdmage ou I'inactivité). Ainsi, en se limitant aux
personnes en emplois a durée indéterminée, tout en n’éliminant qu’une partie de cet effet « ancienneté
dans I’emploi » (I’effet précarité), on aboutit a des résultats inverses pour les hommes les plus
diplémés (niveau Bac. + 2 ou supérieur) avant 40 ans, qui tendraient a valider pour ces derniers les
mérites de la pratique dite de « job-hopping » (changement fréquent d’employeur).

Tableau 12 ~ Taux de réussite dans le privé et ancienneté dans I’entreprise (en %)
Champ limité aux emplois & durée indéterminée

Hommes Femmes
Diplomes inférieurs a8 | Bac. + 2 et diplomes | Diplomes inférieurs 3 | Bac. + 2 et diplomes
Bac. +2 supérieurs Bac. +2 supérieurs

-de40ans | 40anset+ | -de40ans | 40anset+ | -ded40ans | 40anset+ | -ded0ans | 40 ans et +
Moins d’un an 9,3 7,5 184 14,2 5.5 6,1 15,2 8,0
De 1 3 moins de 5 ans 11,2 9,1 13,3 15,7 6,6 4,6 13,9 13,1
De 5 & moins de 10 ans 10,3 9,7 12,0 18,2 99 6,2 15,3 9,1
10 ans et plus 11,3 13,3 10,8 14,0 15,8 14,9 15,9 17,1
Toutes anciennetés 10,8 11,6 13,2 15,0 10,2 10,6 14,9 14,4

Source : Enquéte Emploi 2001 (Insee).
Champ : salariés de 30 a 54 ans.

2.5 Mobilité géographique, dans le secteur privé

Si les atouts de la mobilité inter-entreprises ne sont pas toujours trés nets, ceux de la mobilité
géographique sont particulierement marqués, ne serait-ce que pour bénéficier des disparités régionales
de salaires (cf. tableau 13). Mais, surtout, le déplacement géographique permet d’élargir les
opportunités professionnelles et d’acquérir, lorsque c’est a 1’étranger, 1’atout supplémentaire que
constitue la parfaite maitrise d’'une langue étrangére. Ainsi, quel que soit le sexe ou le dipléme, on
observe d’importants écarts de taux de réussite entre les salariés du privé ayant ou non déménagé en
changeant de département, voire de pays, au cours des dix derniéres années (cf. tableau 14). L’ampleur
de la mobilité est particuliérement valorisée avant 40 ans, ot les taux de réussite culminent pour ceux
qui ont changé de pays, sont supérieurs a la moyenne pour ceux qui ont changé de département et sont
minimaux pour ceux qui sont restés au sein de la méme commune. Elle est plus favorable encore aux
femmes qu’aux hommes.

Tableau 13 — Ecarts de taux de réussite dans le privé entre I’Tle-de-France et les autres régions (en points)

Aucun diplome CAP, BEP Baccalauréat Baccalauréat Diplome

ou CEP BEPC seul ou équivalent ou équivalent + 2 ans Supérieur
Hommes 10,2 11,9 134 6,4 124 13,7
Femmes 11,5 22,9 19,2 18,1 20,2 19,8

Source : Enquéte Emploi 2001 (Insee).
Champ : salariés de 30 a 54 ans.
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Tableau 14 — Taux de réussite dans le privé et mobilité géographique
au cours des dix derniéres années (en %)

A. Par sexe et niveau de dipléme

Hommes

Femmes

Diplémes inférieurs au

Baccalauréat et

Diplémes inférieurs au

Baccalauréat et

baccalauréat diplomes supérieurs baccalauréat diplomes supérieurs
Changement de pays 16,7 19,4 22,6 16,6
Changement de départ. 154 16,1 11,1 21,7
Chang. de commune 9,8 10,5 10,6 15,3
Aucun changement 8,0 12,2 6,9 12,5
Ensemble 10,1 14,1 9,0 16,3

Source : Insee, Enquéte Emploi 1997 et Enquéte complémentaire « Jeunes et carrieres ».
Champ : Salariés de 30 4 45 ans.

B. Par sexe et tranche d’dge

Hommes Femmes
Moins de 40 ans 40 ans et plus Moins de 40 ans 40 ans et plus
Changement de pays 184 16,6 214 8,4
Changement de départ. 14,5 20,6 174 13,7
Chang. de commune 10,1 9,5 12,4 11,7
Aucun changement 6,8 11,1 8,1 8,8
Ensemble 10,7 12,4 124 10,0

Source : Insee, Enquéte Emploi 1997 et Enquéte complémentaire « Jeunes et carridres ».
Champ : Salariés de 30 a 45 ans.

2.6 Mode d’obtention de Pemploi, dans le secteur privé

Le réseau relationnel constitué dans le milieu professionnel constitue clairement un atout de
réussite, comme I’illustre le tableau 15. Quel que soit le sexe ou le niveau de dipldéme, le taux de
réussite relative est maximal pour ceux qui ont obtenu leur emploi par relation professionnelle, ce qui
signifie de manicre sous-jacente qu’ils ont su se construire une réputation de savoir-faire et ont saisi
I’opportunité de cette réputation. Les plus diplémés bénéficient cependant plus facilement d’un réseau
relationnel étendu, par le biais des grandes écoles qui organisent certains recrutements, mais aussi par
le biais des annuaires d’écoles et des chasseurs de téte (ce qui explique sans doute les taux de réussite
importants sur des emplois obtenus par « d’autres moyens »). Pour les plus dipldmés, par ailleurs, la
démarche personnelle est relativement valorisée, ce qui ne ressort pas spécifiquement pour les non-

bacheliers.

Tableau 15 — Taux de réussite dans le privé et mode d’obtention de I’emploi (en 1997) (en %)

Hommes Femmes
Dipldmes inférieurs au Baccalauréat et Diplomes inférieurs au Baccalauréat et
baccalauréat diplomes supérieurs baccalauréat diplomes supérieurs

Démarche personnelle 9,9 13,9 8,9 16,7
Proche 10,8 57 7,4 13,7
Relation professionnelle 15,9 24,6 18,3 21,6

Autre relation personnelle 10,6 9,9 8,1 14,8
Agence de placement ou

réseau d’accueil 2,8 7,0 9,8 8,0

Ecole ou organisme

de formation 9,6 12,2 5.4 239

Autre moyen 11,9 18,2 8,6 19,7
Ensemble 10,1 14,1 9,0 16,4

Source : Insee, Enquéte Emploi 1997 et Enquéte complémentaire « Jeunes et carriéres ».
Champ : Salariés de 30 a 45 ans.
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2.7 Formation continue

Le dispositif juridique et institutionnel relatif a la formation continue a ét¢ institué en 1971. 11 a
instauré la présentation au comité d’entreprise d’un plan de formation annuel (pour les entreprises de
50 salariés et plus), la participation financieére obligatoire (de 1,5 % de la masse salariale pour les
entreprises de 10 salariés ou plus) et un dispositif d’accés a la formation continue a I’initiative du
salarié (bilan de compétences, congé individuel de formation).

On peut s’interroger sur le bénéfice de la formation continue sur la réussite relative des salariés.
1.’analyse des tableaux de contingence entre réussite salariale et acces 4 une formation continue met en
évidence une corrélation certes positive, mais assez faible si on en juge par les écarts entre fréquences
observées et théoriques (cf. tableau 16). C’est dans le secteur privé et pour les diplomes inférieurs au
baccalauréat que la corrélation est la plus marquée, tout en restant malgré tout relativement faible.
L’interprétation en termes de causalité de ces légeéres corrélations est par ailleurs ambigug, pouvant
tout autant signifier une plus grande facilité d’acces a la formation continue de ceux qui réussissent
relativement mieux qu’un impact significatif de la formation continue sur la réussite.

Tableau 16 — Réussite et formation continue selon le secteur et le diplome (en %)

Contingences observées et théoriques (en italique), sous hypothése d’indépendance entre les deux critéres

A. Secteur public - Dipléme inférieur au baccalauréat

Non formés en 1999 I Formés en 1999 Ensemble
Non réussite en 2000 ] 32,6 87,5
53,8 33,7
Réussite en 2000 6,6 - 5 12,5
77 4,8
Ensemble 61,5 38,5 100,0
B. Secteur public - Baccalauréat ou diplome supérieur
Non formés en 1999 Formés en 1999 Ensemble
Non réussite en 2000 0o 55,1 95,1
39,7 554
Réussite en 2000 1,8 5,0
2,1 2,9
Ensemble 41,8 58,2 100,0
C. Secteur privé - Dipléme inférieur au baccalauréat
Non formés en 1999 Formés en 1999 Ensemble
Non réussite en 2000 20,3 90,5
68,5 22,1
Réussite en 2000 5,4 i 9,5
7,2 2,3
Ensemble 75,6 24,4 100,0
D. Secteur privé - Baccalauréat ou diplome supérieur
Non formés en 1999 Formés en 1999 Ensemble
Non réussite en 2000 456 41,3 86,9
42,5
Réussite en 2000 ’ 13,1
6,4
Ensemble 51,1 48,9 100,0

Source : Insee, Enquéte Emploi 2000 et Enquéte complémentaire « Jeunes et carrieres ».
Champ : Salariés de 30 a 54 ans.
Remarque : Les cases grisées reperent les cas de sur-représentation (fréquence observée > fréquence théorique).

La comparaison des évolutions annuelles de salaires pour les salariés formés et pour les autres
salariés peut permettre d’appréhender I’effet de court terme de la formation continue sur les salaires
(Goux, Zamora, 2001). Or, si les premiers bénéficient en moyenne de hausses un peu plus importantes
que les seconds, les différences ne peuvent étre considérées comme réellement significatives.
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Au-dela de ces résultats

agrégés,

on peut

s’interroger sur le caractére favorable

d’environnements plus ou moins propices a la formation continue sur les chances de réussite relative.
Si la taille de I’entreprise constitue un critere favorable d’accés a la formation continue, compte tenu
des dispositifs institutionnels, son secteur d’activité est également déterminant (Aucouturier, 2001).
L’énergie, les activités financieres et les administrations apparaissent plus formatrices que
I"agriculture, les industries agroalimentaires, les services aux particuliers ou la construction. Enfin, &
cadre donné (taille et secteur d’activité), il semble qu’il y ait des entreprises 2 « culture formatrice » et

d’autres qui ne proposent jamais de formation a leurs salariés.

De fait, pour les non-bacheliers du secteur privé, les secteurs d’activité les plus opportuns en
termes de salaires (énergie et activités financieres) se révelent étre aussi ceux qui offrent le plus grand
acces a la formation continue (cf. tableau 17).

Tableau 17 - Réussite et formation continue pour les non bacheliers dans le privé

Taux de formés (%)

Taux de réussite (%)

Agriculture 11,7 5,0
Industrie

Industries agricoles 16,6 7,7

Ind. biens de conso. 23,6 11,5
Industrie automobile 32,6 6,2
Ind. biens d’équip. 31,2 16,5
Ind. biens interméd. 26,5 8,2

Energie 70,0 19,9
Construction 18,4 7,4

Tertiaire

Commerce réparation 24,6 10,2
Transports 28,8 10,5
Activités financiéres 490 28,9
Activités immobilieres 14,9 10,1
Services entreprises 24,2 10,5
Services particuliers 16,0 3,8

Education, santé, social 240 54

Administ., associations 46,9 12,7
Tous secteurs 24,4 9.5

Source : Insee, Enquéte Emploi 2000 et Enquéte complémentaire « Jeunes

et carriéres ».

Champ : Salariés de 30 a 54 ans.

Tableau 18 — Taux de réussite et vie familiale dans les secteurs privés et publics (en %)

Hommes

Femmes

Diplémes inférieurs au

Baccalauréat et

Diplomes inférieurs au

Baccalauréat et

baccalauréat diplomes supérieurs baccalauréat dipldmes supérieurs
Secteur privé : 10,5 134 9,6 12,7
Vie en couple 11,3 144 89 12,5
Non vie en couple 6,5 9,0 12,1 13,3
0 enfant 9,7 10,7 10,4 154
1 enfant 10,5 12,6 12,3 12,5
2 enfants 12,0 154 8,5 11,6
3 enfants et + 8,8 17,1 3,7 8,5
Secteur public : 103 43 12,1 7,7
Vie en couple 11,6 4.8 12,0 74
Non vie en couple 54 24 12,5 8,3
0 enfant 7,7 2,6 14,4 7.4
1 enfant 12,2 3,7 114 8,2
2 enfants 11,7 53 12,2 7.5
3 enfants et + 10,0 8,3 8,6 1,7

Source : Enquéte Emploi 2001 (Insee).
Champ : salariés de 30 a 54 ans.
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3. Le contexte privé des réussites professionnelles

Le contexte privé des réussites professionnelles est trés différent pour les hommes et les
femmes. Pour les premiers, ceux qui vivent en couple et ont au moins un enfant sont sur-représentés
parmi les mieux rémunérés alors que, a 'inverse, pour les femmes, la réussite professionnelle est
nettement au détriment de la vie en couple ou de la construction d’une famille. Ce résultat est a peine
atténué dans le secteur public, contrairement & I’intuition, et ne dépend que peu du niveau de diplome.

Au final, un certain nombre de facteurs favorables a la réussite salariale ont pu €tre mis ici en
évidence : choix du secteur public pour les moins diplomés et choix du secteur privé pour les plus
diplomés, choix d’un secteur d’activité offrant plus ou moins de souplesse aux carrieres, taille de
I’entreprise, mobilité inter-entreprises pour les hommes de moins de 40 ans et plus grande stabilité
pour les plus Agés, mobilité géographique pour les moins de 40 ans, réseau relationnel plus favorable
aux plus diplémés, formation continue pour les moins diplémés et réduction ou sacrifice de la vie
familiale pour les femmes. L’analyse demande bien sir a étre approfondie, mais permet d’ores et déja
de souligner certaines marges dans les parcours professionnels, 4 bagage initial donné.
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Résumé

Cet article cherche a mettre en évidence les liens existant entre les expériences de début de
carriére et les succeés ou échecs professionnels connus ultérieurement. Empiriquement ces liens n’ont
été mesurés qu’a court terme et les théories divergent a leur sujet. Nous nous référons a cing cadres
théoriques (le modele d’apprentissage, la théorie du signal, la théorie du capital humain, la théorie des
contrats implicites et le modele de recherche d’emploi en présence d’hétérogénéité inobservée) et
nous définissons, pour un ensemble de criteres reflétant d’une part les conditions d’insertion, d’autre
part les conditions d’emploi les années suivantes, les implications qui les relient suivant les théories
retenues. Nous évaluons, par les MCO puis par des techniques économétriques de panel, la robustesse
des différents modeles théoriques sur les marchés du travail américain, allemand et frangais. Il ressort
de cette étude que le marché du travail allemand semble fonctionner comme un marché dual pour les
hommes alors que les femmes se distingueraient plus par leur hétérogénéité en termes de salaire de
réserve. L’hétérogénéité des travailleurs frangais en termes de réseaux semble influencer
particulierement le fonctionnement du marché du travail. Enfin, deux modéles pourraient expliquer le
fonctionnement du marché du travail aux Etats-Unis : le modéle d’apprentissage et les modgles de
contrats implicites. Ces résultats peuvent étre interprétés selon la particularité du systéme éducatif de
chaque pays. Lorsque le systtme éducatif délivre une information précise des compétences des
individus, les entreprises exploitent cette information et n’investissent pas nécessairement dans
I’évaluation des caractéristiques productives des travailleurs. Lorsque le systeme éducatif ne délivre
pas d’information précise, les entreprises font cet investissement.

Introduction

This paper represents an attempt to untangle the theoretically complicated, and empirically
uncertain, links between the early career experiences of young people in the labor market and their
labor market success or failure later in life. Although the subject of early-career experiences, such as
“excessive” job mobility or taking a long time to find a first job, have already been treated in the
literature,' very little attention has been given to the effects at a much longer term (i.e. at least 5 years
after school leaving).

* Margolis carried out the analysis for France, Simonnet for Germany and Vithuber for the United States. The authors would
like to thank Michael Burda, Bernard Gazier and Louis Levy-Garboua for helpful discussions, as well as participants in
seminars at the EEA99, the Humboldt Universitit zu Berlin, CREST, TEAM, The University of Warwick Summer School in
Labor Economics, the University of Oslo, McGill University and the Norwegian School of Economics and Business
Administration. Erik Plug was closely involved in early discussions on this research agenda. We would also like to thank
the European Community’s Targeted Socio-Economic Research program for financial support.

1. See, for example, Topel and Ward (1992) for the United States and Balsan, Hanchane and Werquin (1996) for France.



Except for Ruhm (1997) and Gardecki and Neumark (1998),2 the empirical literature
concentrating on youth tends to ignore the distinction between the immediate post-schooling period
and later periods, while the literature that looks specifically at the immediate post-schooling period
often limits its attention to a relatively short time horizon, such as 3 to 5 years after school leaving. In
addition, most of the authors focus on a limited set of early career experiences concentrating
alternately on the time to the first job, the number of job changes or the time spent in unemployment
during a fixed period. Furthermore, the effects of early career experiences on the labor market success
or failure are often taken into account through a unique “output” measure, typically log hourly wages
in studies based on data from the United States (Lynch (1992), Topel and Ward (1992)) or a measure
of employability in studies based on European data (Pénard and Sollogoub (1995), Booth and Satchell
(1994)).

Our study expands upon this literature in several respects. First, we use a large set of measures
of early career experiences and consider all of these measures simultaneously during the estimation in
an attempt to control for the omitted variable bias that has made interpretation of many previous
results risky. Next, our analysis considers a much longer time span than most previous research (from
5 years after the end of school up to 10, 12 or 20 years after school leaving). We also consider a
variety of different measures of later career success.

From an econometric perspective, we estimate models using panel data techniques to control
for time-invariant unobserved individual heterogeneity that is not captured by our regressors. And
finally, we analyze the relation between early career experiences and later career outcomes in three
different countries, namely the United States, France and (western) Germany.

Our findings can be summarized as follows. First, and most importantly, institutions® seem to
play a major role in determining the link between early career experiences and later career outcomes.
Our results differ significantly from one country to the next, for the same variables in the same
econometric specifications.

Second, our results allow us to characterize the different national labor markets considered in
terms of the theoretical literature. We find that labor market outcomes in (western) Germany are
consistent with a dual labor market model for men, and a labor market in which there is significant
unobserved heterogeneity in reservation wages among women. Our results for the U.S. labor market
are consistent with two alternative (observationally equivalent) theories; either the market learns
about unobservable worker characteristics over time, or the implicit contracts established at the start
of the career are increasingly renegotiated over time. In both of these models, early career experiences
play a decreasingly important role in determining later career outcomes. Finally, (unobserved)
heterogeneity in individuals’ networks of labor market contacts is an explanation that seems to be the
most consistent with our results for France.

The rest of the paper is organized as follows. Section 2 describes the theoretical foundations for
the analyses undertaken here and briefly discusses some of the existing empirical literature describing
early career experiences, as well the literature analyzing the relation between early career experiences
and labor market outcomes. Section 3 describes the different data sets that are exploited in the
econometrics, and lays out the econometric models that will be subsequently estimated. Section 4
presents the results for our analyses. We first present evidence that institutional differences play an
important role in determining the link between early career experiences and later career outcomes. We
then interpret each country's results in this context. We show how the results for Germany are
consistent with a dual labor markets model and are the most straightforward to interpret. The results
for France, which rely on unobserved heterogeneity (in the networks of labor market contacts),
demand a more complicated interpretation. The United States, for which the OLS and between
estimates in one of our panel specifications are difficult to unite in a single coherent explanation, can

2. We discuss their paper in section 2 below.

3. We take a particularly broad view of what constitutes institutions, including not only the legal framework but also the
structure of relations on the labor market, the organization of the educational system, and most other differences between
countries other than those based on endowments. Under this definition, institutions are, of course, endogenous.
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be reevaluated in the light of a second panel econometric specification to yield a consistent
interpretation coherent with either a learning or a contract renegotiation-based model of the labor
market. Section 5 highlights the labor market institutions that drive our results in each country; in
other words, why it is that we should expect to see what our econometric results eventually confirm.
Finally, section 6 discusses avenues for future research and concludes.

1. Theory and Previous Empirical Results
1.1 Theoretical Explanations of the Link Between Early and Later Career Events

The literature in labor economics has much to say about why early career experiences should be
observable as affecting later career success. The literature can be broken down into 4 main strands:
information-based learning models, sorting models, human capital models and unobserved productive
heterogeneity.

1.1.1 Information-Based Learning Models

The information-based learning models* maintain that, since information is not symmetric and
complete in the labor market, agents will learn about unknown characteristics over time. This learning
is typically modeled in a bayesian manner, with either employers or workers starting from a general
prior distribution of beliefs over the unknown characteristics and using information that is revealed
over time as a means of refining their beliefs. Since the market has little information on the (initially)
unobservable characteristics of the individual, it relies on observable characteristics to situate the
mean of its distribution of prior beliefs on the individual’s productivity. Since early career experiences
are observable, they could play an important role in determining later posterior distributions of beliefs
over unknown characteristics via their impact on the mean of this distribution. As such, they should
be correlated with observable “output” measures. This is especially true in the models that consider
jobs with alternative employers, sectors or industries from an option-value perspective, or as new
draws in a multi-armed bandit type framework.

One implication of these theories is that, as time goes by, the early-career experiences play a
less and less important role in the determination of the posterior distribution of beliefs.
Econometrically, this implies that the significance of early career experiences in determining later
career outcomes should be decreasing over time. Although the literature has not typically posed the
question in these terms, related work by Farber and Gibbons (1996), Altonji and Pierret (1996, 1997)
and Simonnet (1997) all show that firms use initially observable characteristics less and less in
determining remuneration as time goes on, which the various authors interpret as employers relying
increasingly on the (unobservable by the econometrician) posterior beliefs induced by years of
repeated observation.

1.1.2 Sorting Models

The fundamental hypothesis of sorting models is the same as that of learning models, namely
that, initially, information is not symmetric and complete. However, sorting models differ in that, as
information is revealed about the worker, the market assigns him or her to the appropriate job and the
worker stays in that type of job forever. The founding paper in the signaling branch of this literature
(Spence (1973)) was concerned with educational attainment signaling unobserved worker productive
ability so that workers could be paid in relation to their productivity. The seminal paper in the dual
labor markets branch (Roy (1951)) suggested that there were two sorts of jobs, and that queues for the
good jobs allowed good employers to select the good workers, relegating the bad workers to the bad
sector or to unemployment. In more complicated multiattribute versions, one can imagine this sorting

4. Some of the earliest examples are Jovanovic (1979) and Miller (1984). More recent work includes Farber and Gibbons
(1996).
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mechanism assigning workers to the sectors that most highly value their idiosyncratic set of
productive characteristics.

Econometrically, these models imply that the early career experiences will have an impact on
the type of job the person has in the future, and thus on certain observable output measures.
Furthermore, this model suggests that the importance of these initial experiences in determining later
career outcomes does not diminish over time. This is because the assignment of a worker to a sector
happens early, and since nothing changes after the initial assignment, the correlation between early
career experiences and later career outcomes is constant. The good jobs/bad jobs model is at the base
of most econometric studies of union non-union wage differentials (Lewis (1986)) as well as many
other papers, whereas the pure signaling model has proved notoriously hard to test empirically, as its
observable implications are often identical to those of other models, human capital models in
particular.

1.1.3 Contracting Models

Contracting models are based on the idea that, at the start of an employment relation, firms and
workers come to an agreement on the conditions and requirements of the job, and the associated
remuneration. This can take the form of either an explicit employment contract or an informal accord
(called an implicit contract in the literature). These agreements are often dynamic in nature,
decoupling the action (exert effort, invest in firm-specific human capital) taken from the remuneration
received. These models can also be characterized as principal-agent models, and the major incentive
issues addressed involve either adverse selection, moral hazard or both.

There is an enormous literature surrounding these models, and the implications for the relation
between observable early career events and later career outcomes depend entirely on the question
being specifically addressed. For example, in the bonding model of Lazear (1979), the tournament
model of Lazear and Rosen (1981) and the internal labor markets models®, one expects to see faster
early-career earnings growth associated with higher later-career earnings. This comes as a form of
deferred compensation (bonding), a signal of winning tournaments (tournament theory) or being in a
“fast track” job (internal labor markets).

On the other hand, contract renegotiation models® have empirical implications for the link
between early career variables and later career outcomes that are identical to learning-based models
described in section 1.1.1 In particular, these models suggest that contracts are negotiated early, and
are related to the conditions that are prevailing at the time of contracting. Outside options are
stochastic, however, and thus as time goes on, the probability that the contract will be renegotiated
increases. When a contract is renegotiated, the new contract will reflect conditions at the time of the
renegotiation, and as such the early career variables will no longer be relevant. Thus one should see a
decrease in the importance of the early career variables over time.’

1.1.4 Human Capital Models

These models, originating with Becker (1993), are the workhorses of the labor economics
literature. In a typical human capital model, workers add to their initial investment in productive
capacity over time as they learn new things. These investments are typically rewarded through higher
wages.® Some variants of these models allow workers' old knowledge to become outdated. The Ben-
Porath (1967) life-cycle version of this model implies that the greatest investments in learning will be

5. See Baker, Gibbs and Holmstrom (1994a, 1994b) for a survey.

6. See Harris and Holmstrom (1982) and Macleod and Malcomson (1993), among others.

7. Beaudry and DiNardo (1991) perform an empirical evaluation of the renegotiation in implicit contracting models. They
highlight an aspect of these models that can be used to distinguish between contract renegotiation models and learning-
based models. The most extreme labor market conditions that occur between the start of the job and the observation date
should be significant in the renegotiation model, whereas there is no role for these variables in the learning based models.
Beaudry and DiNardo (1991) consider the United States in their work, while Vilhuber (1996) tests this model using our
German data.

8. See Hashimoto (1981), however, for a discussion of the returns to firm specific human capital.
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made at the beginning of the career, where there returns can be reaped over a longer time in the future.
The Levy-Garboua (1994) leaming-by-watching version of this model has workers making the
greatest investments at the start of each of their jobs since that is when they have the most to learn.

Becker initially distinguished between two sorts of the human capital: general human capital
(which increases the productivity of the worker by the same amount in all firms) and firm specific
human capital (which increases the productivity of the worker only in the firm that offers the
training). This initial decomposition has been criticized as being too rigid, and recent work has
proposed that human capital may be semi-specific to the firm (of lower, yet positive value, to at least
some firms other than the current employer), occupation specific (of equal value to all employers
provided that the worker performs the same occupation as with the current employer) or sector
specific (of equal value to all firms in the same sector as the current employer).’

The empirical implications of this type of model depend on the variant retained. In the sector
specific approach, fewer different sectors for a given number of days worked implies the
accumulation of more human capital in any given sector, and an equivalent reasoning holds for
occupational capital models. In models where the human capital does not depreciate over time, the
significance of these effects should remain constant, as the skills learned early in the career can still
be used later. In models where human capital depreciates, the capital garnered at the beginning of a
career becomes less and less relevant over time, and thus measures of it should become less and less
significant.

1.1.5 Unobserved Productive Heterogeneity

A final class of models, based on the existence of individual-specific, time invariant (or at least
autocorrelated) heterogeneity that is correlated with worker productivity, claims that different
individuals possess different productive capacities or characteristics (such as intelligence, motivation
or adaptability) that are valued by firms, but are unobservable to the econometrician. Individuals with
more valuable characteristics will earn more, be more easily employable and for longer times, than
their counterparts with less valuable characteristics. Because these characteristics are time-invariant
or persistent, those individuals who were more successful early will also tend to be more successful
later in their careers, ceteris paribus.

An important feature of these models is that the unobserved characteristics may be correlated
with observable characteristics, and the failure to control for them (typically through panel data
techniques) will tend to induce an omitted variable bias in the estimators of the coefficients of the
observable variables in the model. Because of this phenomenon, and the inherent unobservability of
the relevant characteristics, these models are often evoked as residual explanations.'® That is, when
none of the other, more rigorously formalized models is able to explain adequately an observed
empirical relation, one often attempts to justify the observed relation as an omitted variable biased
induced by unobserved heterogeneity.

Since the productive heterogeneity at the heart of these models is unobserved, we will be
unable to explicitly test the role of these characteristics for determining both early career and later
career events. However, these models suggest that we can interpret differences in relations between
early career variables and later career outcomes that are estimated with and without controlling for
unobserved individual heterogeneity as representing the omitted variable bias in the estimates induced
via correlation of the observable covariates with the unobservable heterogeneity.

9. Stevens (1994) provides a general, theoretical formulation of this approach. See Neal (1995), Parent (1995) and Vilhuber
(1997, 1999) for tests of the different specifications.
10. See Hamermesh (1999) for a criticism of this approach.
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1.2 Empirical Literature Concerning Early Career Experiences

The empirical literature has devoted much attention to studying youth and individuals at the
start of their careers''. Unfortunately, the literature concentrating on youth tends to ignore the
distinction between the immediate post-schooling period and later periods'?, while the literature that
looks specifically at the immediate post-schooling period often limits its attention to a relatively short
time horizon, such as 3 to 5 years after school leaving. In addition, different authors have focused on
different aspects of the immediate post-schooling period, concentrating alternately on the time to the
first job, the duration of the first job, the number of job changes or the number of sector changes
during a fixed period.

We describe below the two studies the most closely related to ours. First, we consider the main
results of Topel and Ward (1992), who provide a complete assessment of early career experiences of
young men in the United States. Second, we treat Gardecki and Neumark (1998), who were the first to
concentrate explicitly on the link between early career mobility and later career outcomes at a long
time horizon.

1.2.1 Topel and Ward (1992)

One of the most complete assessments of early career experiences (for the United States) comes
from Topel and Ward (1992). Topel and Ward exploit a longitudinal data set of Social Security
records for the United States that resemble somewhat the French data used below. They consider
young men from their labor market entry (defined in terms of first appearance in the data and time
spent employed over a fixed interval) to a maximum of 15 years after this date. They find a substantial
amount of job (employer) mobility, with a typical worker holding jobs with 7 different employers
during the first 10 years of labor market experience. They find that the majority of early career wage
growth is associated with these job changes, and that the probability of changing employer is strongly
influenced by the rate of wage growth with the existing employer. Finally, they find that the stability
of jobs increases over time, deducing that the high level of early career mobility is necessary for
worker to settle in to their eventual “long term” jobs.

1.2.2 Gardecki and Neumark (1998)

Topel and Ward (1992) quite completely characterize the dynamics of the start of the career,
but they do not extend their analysis to study the impacts of different early career patterns on later
career success. One paper that does this is Gardecki and Neumark (1998). Using data from the
National Longitudinal Survey of Youth (NLSY), the same data we use for our analyses concerning the
United States, Gardecki and Neumark concentrate on the impact of early career mobility on later
career outcomes. In particular, they focus on the role of training and mobility for determining later
career wages, benefit receipt and the probability of working full time.

Gardecki and Neumark (1998) show that on-the-job training has a positive effect on later
career hourly wages for women when entered as sole insertion variable, but no training variable is
significant when all insertion variables" are entered simultaneously into the regression. The same
variables for men never affect post-insertion wages significantly. In fact, when Gardecki and Neumark

11. See, for example, Ellwood (1982), Lynch (1992) and Omori (1997) for the United States, Fougere and Sérandon (1992),
Magnac (1997), Sollogoub and Ulrich (1997, 1999) and Ulrich (1999) for France, Franz, Inkmann, Pohlmeier and
Zimmermann (1996) and Winkelmann (1996) for Germany, Dolton, Makepeace et Treble (1994) for the United Kingdom
and Zweimiiller et Winter-Ebmer (1996) for Austria.

12. Keith and McWilliams (1995), Ruhm (1997) and Gardecki and Neumark (1998) are three papers that explicitly consider
the long term effects of youth experiences. Keith and McWilliams (1995) provide a detailed analysis of the frequency of
prior mobility by type, although all other variables in their model are measured contemporaneously with the outcome
measure. Ruhm (1997) is concerned with simultaneous work and high school attendance, an issue that we do not
explicitly address here. We discuss Gardecki and Neumark (1998) in detail below.

13. The insertion variables included in their model are: number and duration of training spells (by type), community college
attendance, longest job tenure, months of experience, same industry or occupation as first job, first job in service-
producing industry, number of employers, number of industries and number of occupations.
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enter sets of insertion variables simultaneously, they find significant impacts of insertion variables in
a very small share of their specifications. For men, the number of employers has a negative effect on
wages and the number of years of off-the-job training has a positive effect, while for women, only
months of experience has a marginally significant (negative) effect in some specifications. In all
specifications jointly including all variables, coefficients for non-training insertion variables are not
jointly significant.

1.3 Situation With Respect to the Literature

1.3.1 General Approach

Our study expands upon the literature in several respects. First, we use a large set of measures
of early career experiences: the time the individual took to find his or her first job and the additional
time he or she took to find a job lasting at least 6 months, the number of different employers an
individual had during the first two years after leaving school as well as the number of different
occupations and industries that an individual has tried during the first two years, the percentage of
time spent employed and the average job duration during the first two years, and earnings growth
between the first and second year after school leaving.

Second, we consider all of these measures simultaneously during the estimation in an attempt to
control for the omitted variable bias that has made interpretation of many previous results risky. The
fact that we control for these measures simultaneously is crucial for interpretation of the results. For
example, having a large number of different employers at the beginning of the career could be
interpreted as either a signal of instability (or, in the words of Gardecki and Neumark (1998),
“chaos”) on the labor market, or as a sign of successful job search in the presence of frequent arrivals
of new wage offers. In order to distinguish between the two explanations, one needs to control
simultaneously for the number of employers and earnings growth at the beginning of the career.

Third, our analysis considers a much longer time span than most previous research. Most of the
authors studying the school to work transition in the literature focus on a relatively short time horizon
for evaluating the “quality” of an individual’s insertion into the labor market. We evaluate the effects
of early career experiences (defined as occurring, in general, during the first two years after the end of
schooling) at a longer time horizon, considering our outcome measures from 5 years after the end of
school up to 10, 12 or 20 years after school leaving in the United States, Germany and France
respectively.

Fourth, we consider a variety'* of different measures of later career success. We study the
percentage of time in a given year spent in employment, log monthly earnings and (where possible)
log hourly wages. This set of measures allows us to analyze not only earnings variation, but also hours
variation while employed and differences in employment rates, which could reasonably be considered
as three alternative measures of an individual’s success in the labor market.

Fifth, we estimate models using panel data techniques to control for time-invariant unobserved
individual heterogeneity that is not captured by our regressors. We estimate two different types of
correlated individual fixed effect models, first constraining the early career variables to have the same
impact on labor market outcomes in all years' during our analysis periods, and then relaxing this
assumption to allow correlation between the early career variables and the unobserved heterogeneity
while permitting the effects of early career variables to strengthen or diminish over time. By
comparing the results from our 3 different estimation methods (OLS, uninteracted fixed effects and
interacted fixed effects), we can get a better appreciation for the role that unobserved heterogeneity
plays in determining both the characteristics of the early career experiences and the later career
successes, and we can evaluate the persistence of the early career effects over time.

14. Ulrich (1999) demonstrates the importance of using multiple outcome measures in the analysis of early career
experiences.

15.In this specification, the time invariant observable variables are assumed to be orthogonal to the unobserved
heterogeneity for identification purposes.
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Finally, we analyze the relation between early career experiences and later career outcomes in
three different countries, namely the United States, France and (western) Germany. By comparing
results across countries, we can hope to determine which relations are “universal,” in the sense that
they are present in all countries independent of labor market institutions. By closely examining the
manner in which the results differ across countries, we can also try to say something about the way in
which institutions affect outcomes.

1.3.2 Specific Differences Relative to Gardecki and Neumark (1998)

Since Gardecki and Neumark (1998) represents the study the most closely related to ours, it is
worth noting the dimensions along which our study differs from theirs. First of all, whereas we use
information on all jobs to construct our measures of labor market insertion, they restrict their attention
(in their main analysis) to the most recent job at interview time. Given the short average tenure on
jobs in the initial period, this is likely to lose a lot of information, especially on industry and
occupational mobility, but also on overall time spent working.

Both our analysis and that of Gardecki and Neumark (1998) restrict transitions into the labor
force to occur over approximately the same time period (in the United States data), namely between
1979 and 1986/87. However, Gardecki and Neumark consider post-insertion success at the same
calendar date (1990-1992) for all individuals irrespective of insertion date, whereas we use
observations of individuals at a given, fixed delay after insertion (5 to 10 years). Our approach is
potentially more flexible, as the early 1990s in the United States represented the start of a recession,
and younger workers are likely to be particularly affected by the associated downsizing. Given that
our analysis period covers a larger portion of the cycle, our results are more likely to be generalizable
outside of the early 1990s.

Third, the definition of the transition into the labor market itself differs. Gardecki and Neumark
consider the transition to occur at the latest when individuals leave two-year colleges, considering any
education occurring after this transition to be training, while we focus less on the specific (high-)
school-to-work transition and more on the actual entry into the labor market, irrespective of the
educational attainment at the time of that insertion. Both approaches will tend to take the decision to
stop education and enter work as exogenous, but ours will tend to capture the actual process of
insertion better (since students continuing their studies beyond the 2-year college level have not begun
their period of labor market insertion), whereas theirs will describe the exit from (high-school) better,
since there may be significant incidence of returning to school after having begun the insertion
process.'®

There are also several other issues related to differences in specifications. For example,
Gardecki and Neumark (1998) consider “churning” (job changing) measures over the five years
following the exit from school, whereas we consider only a two-year period. They also included
training measures as explanatory variables, while we excluded them, as they are not available for all
of our countries (and were rarely significant in their specifications that also included mobility
measures). Since Gardecki and Neumark only use a single cross-section, they can not apply standard
panel data techniques to control for unobserved individual heterogeneity and are constrained to using
the Armed Forces Qualifying Test (AFQT) score as a proxy. Our regressions, on the other hand, exploit
the panel dimension of the outcome variable to control for heterogeneity through fixed effect models.

2. Data and Models

In this section, we discuss the data upon which our estimations are performed, and we lay out
the different econometric approaches used. A more thorough discussion of the particularities of the
data is reserved for the data appendix, whereas detailed treatment of the econometric techniques used
here can be found in Hsiao (1986).

16. The issue of returning to school after having begun one’s labor market insertion is not as likely to be an issue for the
European countries considered here, as the incidence of returning to school is very low.
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2.1 Data Description

The data for the United States were drawn from the National Longitudinal Survey of Youth
(NLSY), the data for France from the Annual Social Data Declarations (Déclarations annuelles de
données sociales, or DADS) and the data for Germany from the German Socio-Economic Panel
(GSOEP). The GSOEP are survey-based data sources, while the DADS data are drawn from
administrative records. Our data consists of long panels (at least 10 years) of labor market histories
that follow individuals from their school leaving onwards. All of our models are estimated separately
for men and women, and considerable attention has been devoted to harmonizing variable definitions
and data structures.

In all three of our countries, we defined an observation to be an individual-year combination.
All individuals were followed from their school leaving date, and all time variables were measured in
years or fractions of years. The first two years following school leaving served as the base period for
the measure of the following early career variables: Number of employers, Share of time spent in
employment, Average job duration, Number of different occupations and Number of different
industries. We also calculated growth in annual labor earnings between the first and second post-
schooling years and included an indicator variable for the absence of labor earnings during the first
post-schooling year."” Finally, we measured the time until the first job (in years) and the additional
time necessary to find a job lasting at least 6 months.

We limited our attention to individuals who found their first job of at least six months within 5
years of school leaving.'® We apply this selection criterion since we use 5 years after school leaving
as a reference period, common for all observations in all countries, for our interacted fixed effect
models, and we wanted to be reasonably certain that the labor market insertion process had terminated
prior to our measurement of “outcome” variables. Our outcome variables were log real average hourly
earnings, log real monthly earnings and share of the year spent employed.

In addition to the analysis variables, we also attempted to harmonize our specifications in terms
of other control variables. In particular, we typically control for education and entry cohort (in the set
of non time-varying variables) and nonlinear functions of age and job seniority, number of years since
school leaving, sector and occupation in the set of time varying variables, measured
contemporaneously with the outcome measure.

Nevertheless, not all variables are available for all countries. In particular, the French data
contain no information on hours worked, and so the models of hourly earning are estimated only on
U.S. and German data. Furthermore, number of industries and number of occupations during the first 2
years are unavailable in the German data, and therefore the absence of these variables introduces the
possibility of some omitted variable bias in our German estimates. In addition, being based on survey
instruments, the U.S. and German data provide more demographic information on the individual in
question than the French data. This additional information is exploited to provide additional control
variables for these countries in the different estimations."” Table 1 provides descriptive statistics for
the main variables used in the analyses.

2.2 Econometric Specifications

Our econometric analysis relied on the sequential estimation of 3 different specifications of the
base model: an ordinary least squares specification with a time-invariant relation between the early
career measures and the later career outcomes (the most typical specification in the literature), a
similar specification that allows for the presence individual-specific fixed effects that may be
correlated with the model regressors (called uninteracted fixed effects below), and a specification

17. For individuals without first year earnings, growth in annual earnings was coded as a zero, which is equivalent to
interacting a latent earnings growth measure with 1 minus the indicator variable for the presence of first year earnings.

18. The data appendix discusses the implications of this selection criterion.

19. The notes to each table complete the complete list of all control variables used in each estimation.
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with potentially correlated individual fixed effects and early career variables whose effect on
outcomes can vary nonparametrically with time since school leaving (called interacted fixed effects
below).

Table 1 - Descriptive Statistics (Means with Standard Deviations in Parentheses
and Number of Useable Observations in Braces

United States France Germany
Men Women Men Women Men Women
Date of School Exit 81.617 81.585 78.872 78.675 86.986 86.946
(1.994) (1.968) (3.368) (3.096) (2.254) T2
{6762} {6946} {58903} {44395} {6752} {5368}
Time to First Job 0.135 0.152 1.357 1.295 0.959 1.029
(0.292) (0.317) (1.549) (1.536) (1.178) (1.177)
{6762} {6946} {58903} {44395} {6752} {5368}
Additional Time to First Job of at Least 6 Months 0.378 0.443 0.402 0.409 0.155 0.164
(0.787) (0.872) (0.935) (0.895) (0.397) (0.455)
{6762} {6946} {58903} {44395} {6752} {5368}
Number of Employers in First 2 Years 2.781 2.658 4.116 4473 1.175 1218
(1.638) (1.527) (5.259) (5.348) (0.433) (0.501)
{6762} {6946} {58903} {44395} {6752} {5368}
Share of Time Spent in Employment in First 2 Years 0.775 0.750 0.409 0418 0.531 0479
(0.262) (0.272) 0.379) (0.364) (0.409) (0.398)
{6762} {6946} {58903} {44395} {6752} {5368}
Average Job Duration During First 2 Years 0.204 0.200 0.208 0.206 11.428 10.206
(0.145) (0.141) 0.227) (0.215) (9.387) (9.155)
{6762} {6946} {58903} (44395} {6752) {5368)
Number of Different Occupations in First 2 Years 1.983 1.739 1.210 1.232 '
(0.856) (0.786) (1.035) (0.989)
{6762} {6946} {58903) {44395}
Number of Different Industries in First 2 Years 1.860 1.660 0.967 1.027
(0.867) (0.762) (0.818) (0.814)
{6762} {6946} {58903} {44395}
Earnings Growth Between First and Second Post-Exit Years 3.043 1.235 2.187 2401 0.402 0.376
(69.164) (7.514) (18.964) (16.925) (1.025) (0.710)
{6762} {6946} {58903} {44395} {5536) {4368}
Indicator for First Year Post-Exit Earnings Unavailable 0.050 0.053 0410 0.388 0.081 0.074
(0.218) (0.223) (0492) (0.487) (0.273) (0.262)
{6762} {6946) {58903} {44395} {6032} {4872}
Age 27.114 26.983 28.686 29.021 29.490 28.449
(2.881) (2.776) (5.559) (5.340) (6.178) (5.546)
{6762} {6946) {58903} {44395} (6752} {5368}
Tenure 3.819 3.618 3.587 3.826 4.622 4.234
(2.908) (2.783) (4.13h) 4.210) (3.907) (3.181)
{5323} {4885} {48458} {30778} {2789} {1861}
Share of Time Spent in Employment 0.908 0.760 0.725 0.614 0.622 0.519
0.220) (0.365) (0.420) (0.459) (0.469) ©.477)
{6754} {6942) {58903) {44395} {3388) {2720}
Log Real Hourly Gross Wage 2.048 1.825 2.576 2.332
(0.578) (0.609) (0.389) (0.367)
{5323) {4885} {2569} {1696}
Log Real Monthly Gross Earnings 5.805 6.861 1.162 0.792 7.693 7.249
(0.643) (0.735) (1.034) (1.144) (0.373) (0.500)
{5319} {4880} {48458} {30778} {2655} {1763}
Year of Observation of the Dependant Variable 88.933 7332 89.926 89.645 93.486 93.483
2.367) (1.682) (4.215) 4.212) (2.021) (2.016)
{6762} {6946} {58903} {44395} {4232} {3391}
Sources: NLSY for the United States, DADS for France and GSOEP for Germany.
Notes: Log Real Hourly Wages and Log Real Monthly Earnings for the United States are in 1985 U.S. Doltars; Log Monthly Earnings for France are in thousands of 1980 French
Francy; Log Real Hourly Wages and Log Real Monthly Earnings for Germany are in 1984 Deutschemark. Al duration variables arc measured in years.

2.2.1 Ordinary Least Squares

The ordinary least squares specification can be expressed as follows.
Wy =x0+ 3,0, + 2.0+ €, ¢y
In equation (1), w, is the relevant dependent variable (log real hourly wages, log real monthly
earnings or the latent share of the year spent in employment), x; is the set of early career variables of
interest, y; is the set of remaining, time-invariant variables, z, is the set of time-varying covariates

and £, is ani.i.d. statistical residual.

The models for log real hourly wages and log real monthly earnings are estimated with ordinary
least squares, while the model for the percentage of time spent in employment is estimated as a tobit
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model, bounded above by 1 and below by 0. It should be noted, however, that these models provide
estimates of the relation between early career experiences and later career outcomes that may be
biased through correlation with time-invariant unobserved individual heterogeneity.

2.2.2 Uninteracted Fixed Effects

The uninteracted fixed effect specification can be expressed as

w, =B+ 3.0, + 7.t a + €, 2
where ¢, represents unobserved individual heterogeneity that is correlated with the dependent
variable (and perhaps with the other regressors in the model). Since ¢; is unobservable, one typically
applies standard panel data techniques®™ to obtain unbiased estimators of [, . Unfortunately, we are
interested in obtaining unbiased estimates of f3, so we must make an additional hypothesis, namely
that ¢, is orthogonal to the time-invariant variables, including the early career variables. Under these
assumptions, namely that E(Ooc) =0 and E(ay) =0, we can use a two-step estimation procedure to

recover estimates of 3, and f3,.
In the first step, we estimate equation (2) in differences from individual-specific means, namely
(Wi __w_;'):(zit—zi)ﬁii_*-(git—&_‘i)’ 3
where bars over variables refer to their means with respect to unique values of the variable’s index.

Using ,33 estimated from (3), we calculate an estimator of u;as Z(w,-, ~ 2,0, ) / > 1=14,, where T,
teT; teT;

represents the set of dates for which we observe data on individual i (and thus 21 is the number of
teT;

years for  which  individual i is  observed), E(@,)=xp+yf,+®  and

var(ii) = Var(wi, — 2 ,B3lt € T,.)/Zl . We then run the weighted least squares regression
teT;

4, =x.p +y.0,+a, “)
using one observation per individual and }/ ey @ the weight. Under our orthogonality hypotheses,
estimating equation (4) by WLS allows us to recover unbiased estimates of 3, and /3, .

Note that if the identification hypotheses expressed above, along with the additional
hypothesis that E (az)= 0, are correct, then coefficients should not differ between the uninteracted
fixed effects model and the ordinary least squares model. Any difference in the coefficients, and in
particular any coefficients that become significant in the uninteracted fixed effects model relative to
the OLS model, must be due to violations of these hypotheses. If the only hypothesis that is violated is
E (az) =0, then the uninteracted fixed effects model will be unbiased, whereas the OLS model will

suffer from omitted variable bias. If either of the other hypothesis are violated, both the OLS and the
uninteracted fixed effects estimates suffer from omitted variable bias, and the difference in the
coefficients comes from changes in the bias. Unfortunately, we will be unable to determine which
hypothesis is violated in practice, and so we will discuss one set of coefficients (OLS) in detail below,
and comment only on the differences in coefficients when they appear between the least squares and
uninteracted fixed effects specifications.

20. See, for example, Hsaio (1986).
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2.2.3 Interacted Fixed Effects

The interacted fixed effect specification resembles the uninteracted fixed effect specification,
except that the x; variables are interacted with (time-varying) indicator variables denoting time since

school leaving. More precisely, the interacted fixed effect model can be expressed as
W = 21t=j xiﬂ],(j—s,.) +y.0,+z, B +a, +¢,, ©)
jeT;
where s; refers to the year in which individual i left school. Note that in this specification, unlike the
OLS and uninteracted fixed effects specifications where we were interested in recovering f3,, we do
not have a single [, but rather a set of coefficients ﬁl,s, ﬂm,. o ,Bl_max for each post-schooling year

considered, from 5 to max, where max varies according to the maximum panel length in the country.
In this form, the first differenced regression described by (3) above becomes

— X; ~ ~

(wit - Wi) = z 1t=jxi - L(-s) F (Zit —Z; ).B3 + (8,'; - 31')- (6)

21
keT;

The coefficients 5, B ¢s...» B msx are not all separately identified in equation (6), so we

normalize S, ; = 0. Thus the interacted fixed effects model will allow us to evaluate the trend in the

relation between the early career variables and the later career outcomes while allowing this trend to
be correlated with unobserved individual heterogeneity,*! but this method does not allow us to recover
the level of this effect.”

One possible solution that we exploit below involves combining the results from the
uninteracted fixed effect model with those of the interacted fixed effect model. Although this

interpretation is only strictly correct econometrically under the additional assumption that F (06\7) =0

in the interacted fixed effects model, we can interpret the results of the uninteracted fixed effects
model as providing information on the mean of the later career effects for which the trend can be
estimated from the interacted fixed effects model. Thus a positive coefficient in the uninteracted
model, combined with a negative trend, would imply an early career variable that has a positive, but
diminishing, effect on later career outcomes. On the other hand, a negative coefficient from the
uninteracted model combined with a negative trend suggests that the early career variable is
negativeg associated with later career outcomes, and that this “penalty” gets worse and worse as time
goes on.

3. Results

In this section, we present the results of estimating the models described in section 3.2. Table 2
presents the results of estimating equation 1 (the Ordinary Least Squares specification) on our U.S.,
French and German data. Table 3 presents the results of our uninteracted fixed effects estimation, and

21. We recover the trend in the relation between an early career variable and an outcome through a secondary WLS regression,
in which we regress the point estimates of the coefficients on the number of years since school leaving (excluding 5 years
since school leaving) and an intercept, weighting by the inverse of the estimated standard error of the coefficient. Since
we are using the actual point estimates as dependent variables, we may be able to discern a significant trend in the point
estimates whereas any given coefficient may not be significantly different from zero.

22. Of course, estimation of equation (6) does not allow us to recover estimates of the ,Bz parameter. We could, as in the
case of the uninteracted fixed effects model, make the additional assumption that E (ay) =0 and recover f, through a

second step estimation, but since [, is a nuisance parameter for our purposes, we do not do so.

23. As noted in footnote 15, we recover a linear trend in the coefficients. This is because our regressions already suffer from
few degrees of freedom, and the addition of nonlinear terms in time since school leaving would render the estimates of
the coefficients much less well identified.
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Table 4 summarizes the results from our three estimation techniques for the outcome variable Log
Real Monthly Earnings, the only earnings variable available for all three countries. Table 4 provides
the sign (if significant) of the slope coefficient in a weighted regression of the year-by-year point
estimates from the interacted fixed effects model on the number of years since school leaving,
weighted by the inverse of the standard error of the estimated coefficient. It should be noted that the
coefficients for the interacted fixed effect model are only occasionally individually significant, but
given that we are considering the point estimates (albeit weighted by the precision of their estimation)
we often find significant t-statistics associated with the slope coefficients.

Table 2 — Least Squares and Tobit Models Pooling All Later Career Observations

Log Real Hourly Wage Log Real Monthly Earnings Share of Time Spent in Employment
United States  Germany  United States  France Germany United States  France Germany
Men
Time to First Job 0.020 -0.015 0.011 -0.028 * -0.009 -0.041 * 0.163 * -0.045
(0.052) (0.016) 0.059 (0.008) (0.013) (0.013) (0.015) (0.148)
Additional Time to First Job of at Least 6 Months -0.006 -0.043 -0.016 0.016 * -0.043 * -0.023 * 0.171 * -0.294
0.019 0.107) (0.020) (0.007) ' (0.022) (0.004) (0.013) (0.211)
Number of Employers in First 2 Years 0.003 -0.029 0.002 0.004 * 0.001 -0.004 0.162 * -0.759 *
(0.012) 0.041) (0.012) (0.001) 0.027) (0.003) (0.004) (0.375)
Share of Time Spent in Employment in First 2 Years 0.156 * 0.107 0.153 * -0.029 0.129 0.097 * -0461 * 1402
(0.073) 0.112) 0.076) (0.026) ©0.091) 0.017) (0.059) (1.145)
Average Job Duration During First 2 Years 0.168 -0.006 0.158 0.021 -0.006 -0.034 0.681 * -0.066
(0.143) (0.005) 0.149) (0.032) (0.004) 0.034) 0.071) (0.048)
Indicator for First Year Earnings Unavailable (1wi=01) -0.061 -0.089 * -0.063 0.028 -0.068 * 0.031 * -0.076 * 0122
(0.068) 0.029 ©0.071) (0.018) (0.024) (0.015) 0.037) (0.260)
Eamings Growth ((w2-w1Yw1)* liw1>0) -0.023 -0.022 * -0.04 -0.001 * -0.010 -0.002 -0.002 * 0.079
(0.015) (0.008) (0.016) (0.000) (0.007) 0.004 (0.000) (0.091)
Number of Different Occupations in First 2 Years -0.014 -0.007 0.031 * -0.007 -0.070 *
(0.015) (0.016) (0.006) 0.004) (0.015)
Number of Different Industries in First 2 Years -0.005 -0.012 -0.038 * -0.003 -0.137 *
(0.016) 0.017) (0.008) (0.004 (0.017)
Adjusted R2 or Log Likelihood 0.2535 0.3631 0.3349 03224 04360 581.22 -51572.46 -131043
Number of Observations 5323 2271 5323 48457 2347 6754 58902 2119
Women
Time to First Job -0.016 0.009 0.006 -0.004 0.045 § 0018 0.262 * 0318 *
(0.061) (0.019) ©.071) (0.011) (0.025) (0.023) (0.023) (0.136)
Additional Time to First Job of at Least 6 Months 0.014 0.046 0.026 0.005 0.078 * 0.001 0.176 * 0.106
(0.020) (0.041) 0.024 (0.011) 0.027) (0.008) 0.021) (0.180)
Number of Employers in First 2 Years -0.033 * -0.051 -0.039 * 0.008 * -0.044 -0.009 0251 * -0.544 *
(0.014) (0.036) (0.016) (0.002) 0.041) (0.006) (0.006) ©.247)
Share of Time Spent in Erployment in First 2 Years 0445 * 0.183 0458 * 0.034 0258 % 0364 * -1.140 * 1.236
(0.083) 0.135) (0.097) (0.041) (0.151) (0.033) (0.086) (0.894)
Average Job Duration During First 2 Years -0213 -0.005 -0.022 -0.022 -0.003 0.079 1.364 * -0.016
(0.163) (0.005) (0.190) (0.051) (0.006) 0.067 (0.105) (0.034)
Indicator for First Year Earnings Unavailable (1{w1=o]) 0.093 0.094 * 0.122 -0.003 0.010 0.088 * -0.018 -0.305
(0.079) (0.046) 0.092) (0.025) (0.049) (0.030) (0.052) (0.235)
Eamings Growth ((w2-w1)/w1)*1iw1>0] 0297 0.005 0.306 £ 0.000 0.017 0.191 * 0.000 -0.045
©.157) (0.013) (0.184) (0.000) (0.021) (0.064) (0.001) 0.087)
Number of Different Occupations in First 2 Years -0.020 -0.007 -0.014 0.005 -0.089 *
0.017) (0.020) (0.009) 0.0070 (0.022)
Number of Different Industries in First 2 Years 0018 0.042 § -0.015 0022 * -0.141 *
(0.019) (0.022) (0.011) (0.008) (0.025)
Adjusted R or Log Likelihood 0.2698 03046 03717 02177 03071 405277 -41838.12 -1377.23
Number of Observations 4885 1503 4880 30779 1553 6942 44396 1680
Sources: United States - NLSY and auwthors’ calculations; France - DADS and authors’ calculations; Germany - GSOEP and authors’ calculations.
Notes: A “*" denotes significance at the 5% level, a "$" significance at the 10% level.
Notes for Log Real Hourly Wage and Log Reul Monthly Earnings. Least squares standard errors in all regressions are corrected for arbitrary heteroskedasticity.
US: Regressions control for log hours, years of education, age, age2, seniority, seniorty2, rural residency, nonwhite, married, 7 entry cohorts, 6 post-insertion years, 4 regions, 12 sectors
and 9 occupations.
FR: Regressions control for 8 educational categories, age, age?, age?, age?, seniority, seniorty?, Paris region, 8 entry cohorts, 16 post-schooling years, 8 sectors and 6 occupations.
DE: Regressions control for 9 educational categories plus years of education, age, age2, age3, age4, seniority, seniorty2, 8 entry cohorts, 9 years, marital status, 4 firm sizes and
3 occupations.
Notes for Share of Time Spent in Employment . Tobit of percentage of time employed bounded above by 1 and below by 0.
US: Regressions control for years of education, age, age2, rural residency, nonwhite, married, 7 entry cohorts, 6 post-insertion years, 4 regions.
FR: Regressions control for § educational categories, age, age?, age®, age®, Paris region, 8 entry cohorts and 16 post-schooling years.
DE: Regressions control for 9 educational categories plus years of education, age, age2, age3, aged, 8 entry cohorts, 9 years and marital status,
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Table 3 — Uninteracted Fixed-Effect Models
Second (Between) Stage Decomposition of the Estimated Fixed Effect

Log Real Hourly Wage Log Real Monthly Earnings
United States Germany United States France Germany
Men
Time to First Job 0.052 -0.018 0.048 -0.064 * -0.033
(0.060) (0.025) (0.062) (0.012) (0.023)
Additional Time to First Job of at Least 6 Months 0.007 -0.062 ¥ -0.001 -0.013 -0.065
(0.020) (0.032) (0.021) (0.010) (0.040)
Number of Employers in First 2 Years 0.023 § -0.038 0.027 * 0.000 -0.018
(0.012) (0.058) (0.012) (0.002) (0.065)
Share of Time Spent in Employment in First 2 Years 0.191 * 0.180 0203 * -0.135 * 0.113
(0.081) (0.176) (0.085) (0.041) (0.198)
Average Job Duration During First 2 Years 0.133 -0.008 0.125 -0.069 -0.007
(0.153) (0.007) (0.161) (0.050) (0.008)
Indicator for First Year Eamings Unavailable (1jw1=01) 0.040 -0.172 * 0.043 0.023 -0.111 *
(0.092) (0.039) (0.090) 0.027) (0.049)
Eamings Growth ((w2-w1)/w1)* 1{wi>0} -0.036 * -0.010 -0.030 * -0.001 * 0.019
(0.004) 0.014) (0.012) (0.000) (0.016)
Number of Different Occupations in First 2 Years -0.020 -0.012 0.034 *
©0.017) (0.018) (0.010)
Number of Different Industries in First 2 Years 0.001 -0.003 -0.015
(0.017) (0.018) (0.012)
Adjusted R’ 0.0314 0.1252 0.033 0.1513 0.1845
Number of Observations : First (Within) Stage 5427 2579 5427 48457 2666
Number of Observations : Second (Between) Stage 1224 480 1224 5657 483
Women
Time to First Job -0.005 0.000 0.032 0.022 -0.024
(0.069) (0.033) (0.084) (0.022) (0.047)
Additional Time to First Job of at Least 6 Months -0.011 0075 % -0.009 0.066 * 0.004
(0.022) (0.041) (0.025) 0.022) (0.049)
Number of Employers in First 2 Years -0.030 * -0.004 -0.045 * 0.034 * 0.068
(0.015) (0.041) 0.017) (0.003) (0.064)
Share of Time Spent in Employment in First 2 Years 0.694 * 0.176 0.718 * -0.082 -0.149
0.104) (0.162) (0.122) (0.084) 0.229)
Average Job Duration During First 2 Years -0.249 0.001 -0.043 0.239 * 0.009
(0.191) (0.006) (0.220) (0.106) (0.008)
Indicator for First Year Earnings Unavailable (1fwi=0) 0.071 0.049 0.083 0.019 0.084
(0.086) (0.052) (0.110) (0.052) (0.070)
Eamings Growth ((w2-w1)/wi1)* 1[w1>0] 0.435 0.032 0.327 0.001 -0.013
0.274) 0.022) (0.312) (0.001) (0.033)
Number of Different Occupations in First 2 Years -0.025 -0.013 -0.096 *
(0.022) (0.024) (0.018)
Number of Different Industries in First 2 Years 0.038 ¢ 0.059 * 0.022
(0.023) (0.026) (0.024)
Adjusted R 0.1915 0.3568 0.1647 0.1738 0.1302
Number of Observations : First (Within) Stage 4978 1710 4978 30779 17717
Number of Observations : Second (Between) Stage 1200 352 1200 3958 354
Sources: United States - NLSY and authors’ calculations; France - DADS and authors’ calculations; Germany - GSOEP and authors’ calculations.
Notes: All within (first stage) regressions are performed on data differenced from individual-specific means. Table presents results of regressing the
estimated fixed effect on early career variables, weighted by the inverse of the standard error of the estimated individual fixed effect. A "** denotes
significance at the 5% level, a "{" significance at the 10% level.
US: Within-regressions control for log hours, years of education, age, age2, seniority, seniorty2, rural residency, married, 6 post-insertion years, 4 regions,
12 sectors and 9 occupations. Other control variables in the between regression include race and 9 entry cohorts.
FR: Within regressions control for age, age?, age®, age?, seniority, seniorty?, Paris region, 16 post-schooling years, 8 sectors and 6 occupations. Other
control variables in the between regression include 8 education categories and 8 entry cohorts.
DE: Within regressions control for age, age2, age3, aged, seniority, seniorty2, 9 years, marital status, 4 firm sizes and 3 occupations. Other control
variables in the between regression include 9 educational categories plus years of education and 8 entry cohorts,

Considering the results from tables 2, 3 and 4, the first thing one notices is that there is
enormous variability across countries, even for the same variable in the same subpopulation using the
same estimation technique. This has an important implication, namely that there is no single
theoretical model that can be universally applied to all countries. Stated another way, institutions
matter. We draw this conclusion based on a particularly broad view of what constitutes institutions,
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including not only the legal framework but also the structure of relations on the labor market, the
organization of the educational system, and most other differences between countries other than those
based on endowments. Under this definition, institutions are, of course, endogenous.

Given the seeming importance of the institutional differences across countries, we consider
below sets of results, drawn from all three tables, that are suggestive of a particular model of labor
market behavior for each country. Other models are often able to explain one or two relations in a
country, and there are occasionally coefficients that are difficult to explain in the context of the
proposed models, but nevertheless we find that the theoretical models most consistent with the largest
sets of significant coefficients are as follows.

Table 4 — Comparison of Results Obtained, Log Real Monthly Earnings

United States France Germany
OLS FE Trend OLS FE Trend OLS FE Trend
Men
Time to First Job[ 0 0 - -- - 4+ 1 0 0 -
Additional Time to First Long Job] 0O 0 e A 0 -- -- 0 --
Number of Employers| 0 ++ 4+ |+ 0 ++ 0 0 --
Share of Time Spent Employed| ++ 4+  -- 0 -- - 0 0 ++
Average Job Duration] 0 0 ++ 0 0 ++ 0 0 --
No First Year Earnings Indicator] 0 0 0 0 0 -- -- -- --
Earnings Growth] 0 -- 0 -- - -- 0 0 0
Number of Occupations| 0 0 - | ++
Number of Industries{ 0 0 ++ | -- 0 --
Women
Time to First Job| 0 0 - 0 0 + | + 0 0
Additional Time to First Long Job] 0 0 -- 0 ++ ++ |+t 0 ++
Number of Employers| -- - 4+ | ++ ++ ++ | O 0 0
Share of Time Spent Employed| ++ ++  -- 0 0 - + 0 0
Average Job Duration| 0 0 ++| 0 ++ ++| O 0 --
No First Year Earnings Indicator| 0 0 -- 0 0 -- 0 0 +
Earnings Growth| + 0 -- 0 0 - 0 0 ++
Number of Occupationsf 0 0 - 0 -- --
Number of Industries| +  ++  -- 0 0 -

Notes: OLS refers to least squares results from table 3, FE refers to uninteracted fixed effects results from
table 4, trend refers to the sign of a regression of the interacted fixed effects coefficients on the number of
years since school leaving, weighted by the inverse of the estimated coefficient’s standard error.

A "+" ("++")denotes a positive coefficient or trend, significant at the 10% (5%) level, a "-" (“--") denotes
a negative coefficient or trend, significant at the 10% (5%) level, and a "0" denotes an insignificant
coefficient or the absence of a significant trend. The trend results are derived from a weighted regression
on the point estimates, and thus while many interaction coefficients are not individually significant, the
trend in the point estimates often is significant.

First labor market outcomes in (western) Germany are consistent with a dual labor market
model for men, and a labor market in which there is significant unobserved heterogeneity in
reservation wages among women. Second, our results for the U.S. labor market are consistent with two
alternative (observationally equivalent) theories; either the market learns about unobservable worker
characteristics over time, or the implicit contracts established at the start of the career are increasingly
renegotiated over time. In both of these models, early career experiences play a decreasingly
important role in determining later career outcomes. Finally, (unobserved) heterogeneity in
individuals’ networks of labor market contacts is an explanation that seems to be the most consistent
with our results for France.

3.1 (Western) Germany
Our results suggest that German men and German women are treated differently by the labor
market. For men, we find that taking extra time to find a long job is associated with lower monthly

earnings and a lower subsequent employment rate. These results are most consistent with a dual labor
markets story, in which the primary sector offers stable (long) jobs and good wage growth prospects
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while the secondary sector proposes the opposite.”* In such a model, taking a long time to find a stable
job is a sign of being trapped in the secondary sector. This should be related to lower earnings
(through fewer hours, lower wages or both). Furthermore, since jobs in this sector are unstable, a long
time to the first job of at least 6 months should be associated with a lower instantaneous employment
probability, and thereby a smaller share of the year spent employed.

In Germany, the dual labor market distinction is likely to correspond to successful versus
unsuccessful studies and apprenticeships. In this event, the successful student finds his or her first job
quickly (often with the apprenticeship employer), and thus taking longer to find one’s first job is
associated with being in the secondary sector.” Our results for the time to first job for German men
are the same as the time to first long job, namely lower monthly earnings and employment
probabilities being associated with longer times to first job. Further reinforcing this idea is the effect
of the nonlinearity term in the time to first job (absence of first-year earnings), which is associated
with significantly lower later career earnings and lower later career employment probabilities.

In addition, it seems that having had many different employers early in a German man’s career
(for a given amount of time spent employed) is negatively related to the probability that he will be
observed in employment later in life. As noted above, since the successful students are more likely to
stay with their apprenticeship employer, they are also more likely to have had fewer different
employers (for a given amount of time spent employed) during the first two years of labor market
activity. The other side of the coin is that frequent job changes at the start of a career are indicative of
an unsuccessful pre-labor market experience, and thus they appear to be penalized later on in life?
(although this is only really a manifestation of the fact that these workers are confined to the
secondary sector).

Finally, not only German men were penalized, on average, for having taken extra time to find a
stable job and for having had many different employers at the start of the career, but we also see that
these penalties worsen over time. This increasing differential is further support for the dual labor
markets story, in that jobs in the good sector have good career perspectives while those in the bad
sector do not. This implies that the differential between good and bad sector jobs should increase over
time, and we see that it does.

Our results for German women are not, however, consistent with a dual labor markets model. In
particular, taking extra time to find a long job is associated with higher monthly earnings and a higher
subsequent employment rate. Both of these results are contrary to even a basic dual labor markets
model.

The results are, however, consistent with unobserved heterogeneity in reservation wages and
stability among German women. First, we find that lower monthly earnings and higher employment
probabilities are associated with shorter times to the first job. In a heterogeneity-based story, taking a
first job early is a sign of a low reservation wage, and therefore lower expected earnings in a
stationary model with exogenous job loss; this implies that the coefficient on the time to first job
should be positive. Furthermore, a lower reservation wage should be associated with shorter
unemployment spells when they occur (and thereby higher employment probabilities), implying a
negative relation between time to first job and employment probability.

In addition, we find a negative relation between early career instability and lower subsequent
employment probabilities for German women (as with German men), but we also find early career
instability associated with lower later career earnings. These results are consistent with a model with
unobserved individual heterogeneity in “stability” and market learning. The market’s priors on an
individual’s job seniority may, at the beginning of her career, dominate her chances to find a job.

24. Other models, such as insider-outsider models and queuing/screening models, have similar implications to the dual labor
markets model outlined here. See Margolis (1996) for a model based on underlying worker heterogeneity that generates
an equilibrium non-degenerate distribution of jobs with different returns to seniority and different separation rates. In
addition, many efficiency wage models also predict the existence of such an “ocean of small firms”, where employment is
readily available at a fixed wage as compared to other firms which offer seniority returns profiles.

25. See, for Winkelmann (1996).

26. Simonnet (1997) finds a similar earnings penalty for instability in Germany.
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However, as time goes on, the market learns which individuals are less stable and invests less in them
(leading to lower wages and earnings). In addition, these individuals are less likely to be offered new
jobs by employers when unemployed (relative to individuals whom the employer expects to be more
stable), which leads to a lower employment probability later in life.

3.2 France

The results for Germany’s geographical neighbor, France, are strikingly different. First of all,
one can consider our results for both men and women in the context of the same theoretical model,
namely a model in which there is unobserved heterogeneity in the networks of labor market contacts
that different people have at their disposition, in a market which does not learn, or that learns slowly.
In this model, individuals with better networks will find new jobs faster when they lose their old jobs,
thus leading to a higher expected number of employers for a given amount of time spent working.
These higher quality networks mean that the individual will be more likely to be employed in the
future as well, since his or her unemployment spells will tend to be shorter. Moreover, a good set of
connections will lead the individual to find his or her first job more rapidly, and thus the signs for the
coefficients on time to first job should be opposite those of the number of employers. Finally, if high
quality networks lead not only to more jobs, but also to better jobs, then earnings should be higher.

This is what we find. The coefficients from table 2 suggest that individuals who take longer to
find their first jobs (a sign of having an ineffective network of contacts) tend to have lower earnings
later in their careers.”” This is particularly evident in the sign of the coefficient on the nonlinearity
term for men in the employment probability model. However, workers with good networks will be
less likely to settle for the first job they find. These results derive from the fact that good networks of
labor market contacts are likely to imply higher job offer arrival rates, and perhaps (though not
necessarily) draws from a better wage offer distribution. This higher offer arrival rate makes on-the-
job search more profitable, resulting in a longer time before workers with good networks settle into a
“stable” job and a larger number of different employers®® at the start of the career for a given amount
of time spent employed. A final implication of the higher offer arrival rate associated with good
networks is that, for a given time to first job, those individuals with good networks of contacts will be
more likely to accept higher wages at the expense of a higher risk of job loss, since their value of
unemployment in a dynamic sense is higher.”

This higher offer arrival rate has two implications for later career outcomes as well. First, more
draws from a given offer arrival distribution imply higher observed earnings, ceteris paribus, later in
life. This result is reinforced if the distribution (for people with good networks) from which the wage
offers are drawn dominates the distribution of offers for those with poor networks. The higher offer
arrival rate also implies that, when these workers experience unemployment later in their careers, the
spells will be of shorter duration.

However, our results suggest that pure heterogeneity in offer arrival rates is not a sufficient
explanation for the workings of the French labor market. This is because individuals who have a given
number of employers spread across a larger number of sectors tend to do worse later in life, both in
terms of earnings and employment prospects. This result is not consistent with undifferentiated
heterogeneity in job offer arrival rates. It is, however, consistent with a model of localized networks,
where an individual's contacts tend to be found in similar types of jobs.

27. This is the case for our model which uses monthly earnings as the dependent variable, although the coefficient in the
employment probability model is harder to explain.

28. Simonnet (1996) found similar results using a different French data set.

29. Cohen (1999) presents a model of job search where workers evaluate job offers in a dynamic context. Thus offers with a
high layoff risk are worth more when the value of unemployment is higher, due either to higher benefits while
unemployed ( the result of higher wages in most unemployment insurance systems), or from faster reemployment. In our
context, this translates into workers with better networks accepting high wage-high layoff risk jobs more easily than those
with poor networks.
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3.3 United States

Our results for the United States are the most difficult to reconcile within a single theoretical
framework, at least in the static (OLS and uninteracted fixed effects) sense. The types of explanations
that seem capable of explaining our significant coefficients are typically based on some sort of
unobserved heterogeneity. For example, our results provide justification for heterogeneity in
employability®® (share of time spent in employment) for men and women, heterogeneity in reservation
wages (time to first job) for men and heterogeneity in stability (number of employers) for women.
However, none of these explanations is able to explain more than a few of the estimated coefficients.

On the other hand, the results from our interacted fixed effects specifications provide a
coherent framework for evaluating the importance of these multiple justifications. For all but 3 (out of
18) effects,” the sign of the trend coefficient is the opposite of the signs of (at least one of) the static
coefficients. Taken together, for example, a positive static coefficient, coupled with a negative trend
in the interacted coefficients implies an average effect over the early career that is positive, but is
tending to fade away with time.

Our results for the U.S. labor market are consistent with two alternative (observationally
equivalent) theories; either the market learns about unobservable worker characteristics over time, or
the implicit contracts established at the start of the career are increasingly renegotiated over time. In
the learning-based model, firms have little initial private information, so their prior beliefs about
productivity are based on observable characteristics such as early career experiences. However, as
time goes by, the early-career experiences play a less and less important role in the determination of
the posterior distribution of beliefs concerning individual productivity, as firms accumulate more and
more information on the worker.

The implicit contracts explanation suggests that contracts are negotiated at the start of each job,
and are related to the conditions that are prevailing at the time of contracting. Outside options are
stochastic, however, and thus as time goes on, the probability that the contract will be renegotiated
increases. When a contract is renegotiated (or a new contract with another employer is negotiated),
the new contract will reflect conditions at the time of the renegotiation, and as such the early career
variables will no longer be relevant. Thus one should see a decrease in the importance of the early
career variables over time, as the probability that these early career variables are relevant to the
current situation becomes increasingly small.

4. The Role of Institutions in Determining the Early-Late Career Relation

In section 4, we found that labor market outcomes in (western) Germany were consistent with a
dual labor market model for men, and a labor market in which there is significant unobserved
heterogeneity in reservation wages among women. Our results for the U.S. labor market were
consistent with either a labor market that learns about unobservable worker characteristics over time,
or a labor market in which the implicit contracts established at the start of the career are increasingly
renegotiated over time. In both of these models, early carcer experiences play a decreasingly
important role in determining later career outcomes. Finally, (unobserved) heterogeneity in
individuals’ networks of labor market contacts was the explanation that seemed to be the most
consistent with our results for France.

30. More employable individuals will tend to spend more time employed at the beginning of their careers, as well as later on
in their careers, and this is visible in the positive correlation between share of time spent in employment during the first
two years and a similar measure later in the career. Furthermore, employability is likely to be correlated with productivity
Gf not, why keep the person around?), and as such should also be positively correlated with wages and hours (and
therefore monthly earnings).

31. The variables number of employers, average job duration and number of occupations, for men only, have coefficients
whose sign is the same as the sign of the trend in their evolution. Of these, only the number of employers has a significant
coefficient in both the static and interacted models.
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In this section we propose possible explanations for each of these different labor market
models. We focus on differences in the education and apprenticeship training systems, as well as in
the organization and structure of interactions on the labor market.”> As above, we proceed country-by-
country, and synthesize our results as a whole in the conclusion.

4.1 (Western) Germany

The German educational system is widely renown for its rather complete apprenticeship
system, which serves as a complement to formal education. This system of (more or less) competitive
apprenticeships, coupled with standardized examinations for successful completion at the end of the
program, are likely to be the key factors explaining Germany’s apparent dual labor market for men,
and heterogeneous reservation wages for women.

First, it should be noted that the types of apprenticeships typically proposed to men and women
are different. Men tend to participate in apprenticeship programs that lead to technical, or skilled
professional,” qualifications, often in manufacturing. Women, on the other hand, are more frequently
proposed apprenticeships in relatively low-skilled service sector.”* Most importantly, the content of
the apprenticeships in which men tend to be concentrated is easily observable and measurable, and the
exit exam is considered a valid certification that the individual has learned a set of well-defined skills.
On the other hand, the content of the apprenticeships in which women tend to be concentrated in
Germany tend to teach less easily definable skills, which are harder to measure and for which the exit
exam is not necessarily a particularly useful informational tool.

The offshoot of these differences is that men who successfully complete their apprenticeships
typically have well-defined career paths laid out for them at the end of their apprenticeships. These
careers will often be with the firm that offered the apprenticeship, although there is some competition
among firms for graduates of highly-valued apprenticeship programs. As a result, these individuals
have stable, high-paying jobs that tend to last well into the future.

Men who fail their apprenticeship exams, or who do not undertake apprenticeships at all and
leave the educational system at a low level, will tend to find entry into the labor market very difficult.
They will not be eligible for the stable, high-paying jobs that others in their birth cohort who
successfully completed apprenticeships have, and tend to be restricted to odd jobs in low paying firms
with little employment security. This is a stereotypical dual labor market in action.

Given the nature of the apprenticeships that women tend to occupy, however, there are few
observable characteristics linked to productivity available to employers that allow them to select at
entry. Employers could, in theory, invest in screening for women but not men, since its marginal
informational return to such screening would likely be much more important for women than for men.
However, this would amount to sexual discrimination in hiring. It thus seems that the demand side of
the market treats German women as homogeneous at the point of hiring.

Given this homogeneity on the demand side, the supply side heterogeneity becomes visible in
equilibrium. It is the variability in characteristics of the individual woman, such as differences in the
value of non-market time, that determines the early career experiences, and these differences tend to
persist throughout the career. In this manner, although firms are behaving rationally (not investing in
costly screening since their exists another signal with valid informational content for men and a
restriction against sexual discrimination), the same firm behavior can generate different labor market
outcomes according to sex in Germany.

32. The explanations presented here are consistent with the results found in section 4, although there are likely to be
alternative justifications for the same findings.

33. A frequently mentioned example of apprenticeships that lead to skilled professional qualifications are those proposed by
the Deutsche Bank.

34. The typically cited example here is the oversupply of women with apprenticeships in hairdressing.
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4.2 France

The French educational system is characterized by a tracking of students that begins at very
early, typically around 12 years old.*® A further sorting occurs around 15 years old, and the education
options available to high school graduates with a baccalauréat are divided into two parallel systems.
At each stage there is a division into generalist and professional or technical education, and students
who find themselves outside the generalist track rarely return.

Students on the professional or technical track go to school in separate establishments for the
generalist track, and are typically required to choose a specialization (auto mechanics, masonry,
hospitality, cuisine, secretarial...). They then pursue these studies in common with other students who
have chosen the same specialty, and thus they tend to have similar qualifications for jobs in similar
sectors. This is even true of the non-generalist (i.e. non-university) track in post high school
education, in which students choose preparatory study to pass entrance exams for particular
specialized schools (called “grandes écoles”) which specialize in fields such as engineering, business
management, economics, humanities, etc.. 3

Students in these tracks are likely to form networks of friends, who later become labor market
contacts, with whom they have spent many years and are qualified for similar jobs. This is contrary to
students who remain entirely in the generalist track, since these students can more easily change
schools and thereby colleagues, and their training does not prepare them for work in any particular
sector.

Given that we observe the degree level, and we do not discriminate particularly between the
technical and general tracks in our estimations for data availability reasons, this implies that different
individuals with the same educational level will have different networks of contacts available. Since
these networks will be fellow students with similar education, they will tend to be concentrated in
particular sectors.

In addition, job offers in France are often directed towards individuals who hold specific types
of diplomas. This implies that students who remain entirely in the generalist track receive fewer job
offers regardless of the quality of their networks. In terms of observable implications for the
econometrics, this provides a demand-side reinforcement for the supply-side effects noted above.

4.3 The United States

The educational system in the United States is far more decentralized than in either France or
Germany. One offshoot of this is that there is substantial heterogeneity in the quality of education
received by individuals who are observably equivalent at the start of their careers in the labor market.
In the absence of a generically credible signal of productive ability (such as a specialized diploma or
an apprenticeship exam), firms are required to rely on other characteristics of the individual early in
the career. As a result, firms must rely upon different forms of worker heterogeneity, which result in
different observable early career experiences, to provide signals about unobservable worker
productivity.

Of course, firms have an incentive to learn about unobservable productive ability. This is a
worthwhile investment in the United States, since the information that screening and repeated
observation can provide (relative to what is known at the start of the career) is significant.

In addition, the relatively fluid labor market means that workers in the United States will be
able to change employers more easily in response to improvements in their market prospects than in

35. See Levy-Garboua and Damoiselet (1999) for details on the structure of the French educational system.

36. It should also be noted the changing one’s mind in the French educational system is typically very difficult, if not
impossible. A student who has begun study in, for example, medicine, will find it very difficult to “change majors” to,
say, economics. Although some reforms to the system were introduced at the university level in 1997-1998 school year
that allowed students to change majors after a semester of study, no such flexibility was introduced at lower levels in the
educational system.
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France or Germany, where employers are bound by detailed legislation concerning hiring and firing.”’
This has the effect of increasing the likelihood that employment contracts in the United States will be
renegotiated, or replaced, for any given fluctuation in the outside labor market opportunities of the
worker.

Both of these traits of the American labor market lead to the same conclusion. The learning
undertaken by firms allows them to rely less and less on the early career experiences that provided
one of their few credible signals of productive ability. The renegotiation of contracts means that the
set of labor market conditions that determined the early career experiences, as well as the earnings
and employment security of the job relation, at the beginning of the career will be less and less
relevant later in the career, as an increasing number of shocks have occurred. In each case, the
outcome is a relation between early career experiences and later career results that becomes
decreasingly significant over time.

Conclusion

In this paper, we have considered the effects of a large variety of measures of early career
experiences on later career outcomes using data drawn from three different countries. As suggested in
the introduction and in section 2, there are many different theories that link our early career variables
to our later career outcomes, and estimation of very simplified models is likely to lead to misleading
interpretations, given the complexity of the subject.

Our results have shown that the subject is, indeed, very complex. There does not appear to be
any single theoretical model that is capable of explaining any given coefficient in any given
specification for all three countries. Nevertheless, we can find theoretical frameworks that are
consistent with each country taken separately. The German labor market seems to function in a
manner consistent with dual labor market theory for men and heterogeneity in reservation wages for
women; the French labor market behaves as if there is heterogeneity in the networks of labor market
contacts available to individuals; and the United States labor market seems to demonstrate learning on
behalf of firms about workers unobserved productive characteristics, or alternatively a presence of
increasingly renegotiated implicit (or explicit) employment contracts.

Despite the fact that the different labor markets seem to function differently, there seems to be a
common underlying foundation for the different systems that is derived from the efficiency of the
educational system. As noted in section 5, the educational and apprenticeship system in Germany
provides useful signals for men, but not for women, and firms solve their constrained optimization
problem by concentrating primarily on the information rendered through education and training. In
France, the early tracking and separation of individuals into technical or professional versus generalist
curricula allows for the formation of tight networks of similarly trained workers on one hand, and a
diffuse set of non-specialists on the other. The heterogeneity in the quality of education in the United
States means that firms may not be able to rely upon the signal derived from education, so they find it
optimal to invest in learning about the productive capacities of their employees, while employees are
able to exploit the fluid nature of the labor market to their advantage in renegotiating their contracts as
this (previously hidden) information becomes available.

The main conclusion one can draw from this analysis, and it comes as no surprise, is that the
labor market attempts to distinguish between workers with different productive abilities, and as a
result it needs information about new entrants. When the educational and training system provides
this information, firms exploit it directly and do not necessarily invest in improving their perceptions

37. See Bender, Dustmann, Margolis and Meghir (forthcoming) for details on the institutions surrounding firing and
employment security in France and Germany.
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of each individual’s productive characteristics. When the educational system does not provide this
information, however, the market discriminates between workers on the basis of whatever information
it has available at the start of an individual’s career, but it also seeks to add to this information in order
to improve its posterior beliefs about the productive capacities of each individual as time goes on.
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5. Data Appendix

In this appendix we begin by providing details on the construction of our various samples. We
then discuss the descriptive statistics on our various samples and finally we consider the evolution of
the sample sizes over time.

5.1 Construction of the Samples

5.1.1 The United States

The data used here were extracted from the 1979-1993 NLSY data files. We exclude all
oversamples, as well as the military subsample, leaving us with 4043 individuals. To be included in
the regressions, an individual needs to have been in school at the time of the 1979 interview; this
allows us to observe the transition into the labor force. The individual's “permanent” exit from school
is computed by requiring an exit from school to be followed immediately by at least two full years

during which the individual never returned to school.®®

Given the widespread availability of part-time courses offered by high schools, community
colleges, and universities, this “clean” transition is likely to be an idealization of the true transition.
However, since we try to capture a “permanent” exit from school, this seems to be a reasonable
definition. By construction, the chosen definition of school exit directly determines the definition of
initial post-schooling labor market experience.”

In order to gather sufficient post-schooling data, we require the exit from school to occur before
1987, which leaves a minimum of 6 post-schooling years from which to compute outcome measures.
The date of school exit is then taken to be the first interview for which these conditions are met. This
criterion is satisfied by 78.28 percent of the above 4043 persons. A number of individuals have
missing data, leaving us with a maximal sample size (depending on the regression specification) of
2974 individuals. Table 1 provides sample statistics, while appendix table 1 describes the evolution of
the sample in terms of entry cohorts and observation years.

5.1.2 France

The French data are drawn from the Déclarations Annuelles des Données Sociales (DADS), or
Annual Social Data Reports, from 1976 through 1996. These data are a 1/25th random sample of the
French population, selected by the individual’s birth date. The data contain earnings, occupation,
sector, region and days worked information for each year and each enterprise-individual match. The
data also contain individual and enterprise identifiers that allow the researcher to follow both
individuals and firms over time, and to know some basic characteristics of each. It should be noted
that data from 1981, 1983 and 1990 were not made available to us, and as such we restrict our
attention to school leaving cohorts 1976-1978, 1984-1987 and 1991 and to observation years 1982,
1984-1989 and 1991-1996.

For a random one-tenth of the DADS data, we observe the level of education (in 8 degree
categories, including “no known educational certification”) and the age at school leaving with a
supplementary data set to the DADS called the Echantillon Démographique Permanent (EDP), or
Permanent Demographic Sample. We restricted our attention to this subset of the DADS. In the EDP
age at the end of schooling is measured in completed years. Therefore, we use 2 different measures of
the date at which an individual leaves school. The first assumes all individuals leave school on July 1

38. The date of school exit is taken to be the first interview for which these conditions are met. This date is then refined if the
individual reports the exact month of school exit. If not, the interview date is taken as the exit date.

39. An alternative to the above “clear-cut” solution would be to include jobs held before the permanent exit from school.
This, however, runs the risk of confusing some individuals' post-school jobs, which happen to overlap with post-school
ongoing education, with other individuals' high-school jobs (Ruhm (1995, 1997)). In the present paper, we stick with the
“clear-cut” distinction. See Keane and Wolpin (1997) for a structural model that focuses specifically on the school to
work transition process.
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of the year in which they have the declared age at the end of schooling. The other exploits a third data
set called the Enquéte sur ’Emploi, or Labor Force Survey, which contains a monthly calendar
allowing us to observe the month of school exit. We use this information to estimate a multinomial
logit model of month of school leaving, conditional on sex, département® of birth and month of birth
(the only variables that are observable before school leaving, exogenous and common to all data sets),
and then use the coefficients of this model to predict a month of exit for each individual in the DADS."
As a check on the validity of the imputed school leaving date, we compare this to the start date of the
first job observed in the data. When the job started after the imputed school leaving date, we
maintained this date. When the job began less than a year prior to the imputed exit date, we used the
imputed exit date minus 1 year, to account for the possibility that the age at school leaving was
mismeasured. When the first job began more than a year prior to the imputed school leaving date, we
replaced the imputed date with the start date of the first job, reflecting the idea that the worker
introduction to the labor market actually began prior to the end of formal schooling. In what follows,
we report results using the second measure (where the month of school exit varies); results using the
first measure are in all cases similar. Table 1 provides sample statistics, while appendix table 2
describes the evolution of the sample in terms of entry cohorts and observation years.

5.1.3 Germany

In Germany, we use the German Socio-Economic Panel (GSOEP, 1984-1996), a 13-year
household panel survey. We restrained our attention to 16 to 45 year old German nationals or
foreigners residing in western Germany (the former Federal Republic of Germany) because data for
eastern Germany only became available as of 1990.

The GSOEP contains a total (over all years) of 11081 potentially eligible individuals, of which
5550 are men. Unfortunately, for reasons of attrition and sample replenishment, only 6300 individuals
(approximately) are present in any given year.*” This problem with the structure of the GSOEP reduces
our sample sizes dramatically.

In order to observe the impact of early career experiences on later career experiences starting at
least 5 years after the school leaving date, we kept only those people who left school between 1984
and 1990, which left us with 2551 individuals, of which 1396 were men. As the year and the month of
school leaving were not directly available as survey variables, we used the survey’s monthly activity
calendar and the same school ending definition as in the United States. When an individual stops
declaring that he is still undertaking his “initial education” and does not resume “initial education” for
at least 2 years, we define school as having ended (at the first date following the end of “initial
education”), and we begin to measure his early career experiences.

As our study requires observations on individuals over a long period of time (we need to
observe individuals each of the three years after their school leaving date to reconstruct their early
career events, and individuals are required to provide some information regarding their employment
status S, 6, 7 or 8 years after the end of school for use as outcome measures), our analysis sample
represents a relatively small subsample of the initially available data. Of the 1396 men in our sample,
only 624 were present 5 years after the end of schooling and provided information regarding their
early career events, while 356 are present 8 years after. These numbers are reduced to 474 and 240,
respectively, when we consider only people who are working at the time of the interview 5 to 8 years

40. A département in France is an administratively defined geographical area. There are 95 in mainland France plus Corsica,
and additional départements for France’s overseas possessions.

41. We suppose that the individual left school on the last day of the month preceding the month of school exit predicted by
the multinomial logit.

42. We lose some observations due to missing data, but most observations are lost because of the high rate of attrition in the
GSOEP. Moreover, because new observations are added to the database each year (when new individuals join a household
which has already been interviewed or if a child of this household reaches 15 years old, the individual becomes a new
respondent in the survey), the total number of individuals available is a gross overestimate of the number of usable
observations in the German data.
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after the end of school.*’ For the women (1155 in the sample), 487 were present 5 years after the end

of school and provided information on their early career experiences and 265 of them are present 8
years after school leaving, but only 355 and 147, respectively, were employed at the interview date.
Table 1 provides sample statistics, while appendix table 3 describes the evolution of the sample in
terms of entry cohorts and observation years.

5.2 Descriptive Statistics

Table 1 provides descriptive statistics for the various data sets we analyzed in this paper. In this
section, we characterize the early career experiences in our three countries and describe the samples
on which we estimate our models.

5.2.1 “Job Search” Variables

In each of our countries, we calculate two measures of job search experiences: time to first job
and additional time to first job of at least 6 months. Job search theory suggests that as reservation
wages increase, offer arrival rates decrease, or the wage offer distribution shifts to the left, the time to
first job should get longer (ceteris paribus). If the additional time to first job of at least 6 months is
large, this suggests a high separation rate that could be either exogenous to the search process
(layoffs) or endogenous (high offer arrival rates for on-the-job search).

In all of our countries, we excluded workers who did not find their first job of at least 6 months
duration within 5 years of school leaving from the analyses. Descriptive statistics on the excluded
workers suggest that there are indeed differences between the retained and excluded samples in the
regressors and dependent variables, and thus our results should not be interpreted as representative*
for the entire workforce in each of our countries.*

Among our countries, it is clearly the United States that has the shortest observed time to first
job, at 0.126 years (6.55 weeks) on average for men and 0.141 (7.35 weeks) for women. This is
consistent with the differing labor market institutions; since school leavers are ineligible for most
sorts of government transfers in the United States, one would expect a lower reservation wage and a
subsequently faster first-job finding rate than in countries where school leavers are eligible. This
explanation is consistent with the observation that it takes, on average, over a year to find the first job
for both men and women in France and Germany.

Part of the difference in the average time to first job can be explained by the presence of jobs
that began before the individual left school.** Ruhm (1997) has studied this point in detail for the
United States, and this situation affects slightly over half of the individuals in our United States
sample. We code these individuals as having a time to first job of 0, which is likely to reduce both the
mean and the variance of this variable, and the additional time to first job variable, for the United

43. We are only able to observe earnings and hours information for people who were employed at the interview date, and
thus this represents a large loss in the number of observations that will be available for the earnings regressions relative
to the employment models.

44. This selection bias can affect our pooled estimates (table 3) and between estimates in the non-interacted model (table 4).
The estimates of the interacted fixed effect model are unaffected, as the econometric technique controls for the same
time-invariant unobserved individual heterogeneity that might otherwise be captured by, for example, a Heckman (1979)
type correction.

45. Our sample construction criteria, such as requiring nonmissing values for all of the early career and later career variables,
also have the potential to introduce selection bias into our estimates in the event that these variables are missing in a
nonrandom way.

46. The algorithm by which the school leaving date is determined in the United States could also potentially reduce the mean
and standard deviation of the time to first job, since we assume that the first interview date that satisfies the conditions for
a permanent transition is the school leaving date (see section 3.1) for all individuals who do not report their school
leaving date. This is likely date school leaving too late for these individuals, as an individual sampled, for example, in
March who left school the previous June without reporting it is likely to be employed at the date of the interview. As
such, his or her time to first job will be recorded as 0, and this will reduce the mean and the standard deviation of the
time to first job. Fortunately, non-response to the question concerning the month of school leaving affects less than half
of a percent of the individuals in the U.S. sample, and thus is unlikely to be a serious problem.
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States sample.”’ Nevertheless, even if one were to exclude these individuals from the sample, average
time to first job and its variance would still be much lower in the United States than in the European
countries.

Another part of the remaining difference between the European and U.S. data can be attributed
to mandatory military service. In the French data, military service (of 10-12 months) is not observed
at all. Since it is only mandatory for men (and many men avoid it though various means*®), this could
explain why we observe French women finding their first jobs earlier than French men. In Germany,
men have the option of choosing civil service instead of military service. The duration of military
service was reduced from 15 to 12 months on January 1, 1990, but men who chose civil service
(roughly half) had a 18 month obligation (which was reduced to 15 months in 1990). In our
analyses, civil service is counted as employment, whereas military service is not.

After accounting for these differences in the treatment of military service, a striking pattern
across countries becomes evident. Men typically seem to find their first jobs faster than women, and
the time to first job (net of the expected maximum time spent in the military) varies for men from 0.13
in the U.S. (0.26 among the set of individuals who were not employed at school leaving) to 0.52 in
France to 0.44 in Germany.>

On the other hand, the military service issues typically do not affect women, and thus the
differences there are more striking. Women in the United States clearly find their first jobs faster than
in France or Germany.’! Although some of this effect may be due to differences in female labor force
participation rates, non-participation is unlikely to be able to explain the large differences between the
two groups of countries.

Not only are the (uncorrected) means for the time to first job very different, but the standard
errors are as well. There seems to be very little variability in the time to first job in the United States
relative to the European countries. As with the means, part of this difference in variability may be due
to the treatment of in-progress jobs in the United States, and part may be due to military service, since
some men in France and Germany have an extra year to 15 months added to their real (unobserved)
time to first job according to our measures, and some do not. Still, the differences persist for the
women, and there is little difference within France and Germany across sexes in the variance of time
to first job. All of this evidence taken together suggests that there may be substantially less variability
in the United States with respect to the underlying reservation wages or offer arrival rates that
determine this duration, or that the distribution of first job offers in the United States stochastically
dominates that of France or Germany.

In considering the additional time to the first job of at least 6 months, most of the
aforementioned conclusions apply. The United States stands out for the speed with which workers are
integrated into “long” jobs; on average, men only take an additional 11.3 weeks, and women an
additional 12.8 weeks to find a stable job, while the figures for France (20.9 and 21.3 extra weeks)
and Germany (12.6 and 10.7 extra weeks) suggest that the earliest jobs are less stable in these
countries. As noted above, this could be due to a higher exogenous separation rate or faster job-to-job

47. The effect on the additional time to first job of coding jobs that are in progress at the end of schooling as 0 comes from
the fact that the set of individuals observed as employed at the end of school have stock sampled employment durations.
This implies that the expected duration for these jobs is likely to be longer than for an arbitrary flow-sampled job (such as
would be observed for individuals who were not employed at the end of schooling). This stock-sampling effect increases
the chances that the first job observed will be a job that will have lasted at least 6 months, and thereby increases the
chances that these individuals will have an additional time to first long job of 0.

48. Aside from those men exempted or disqualified from military service, the most recent statistics (1997) from the French
Ministry of Defense suggest that 16 percent of those who undertake their “national service” do not serve in the military
(http://www.defense.gouv.ft/sn/dformes/dformes. html).

49. Roughly 11 percent of the German sample left school in 1989 or earlier. See table 2c¢ for details.

50. The French calculation is 1.357 years - (84 percent * 1 year) = 0.517 years. The German calculation is 1.063 years -(50
percent * 1.25 years) = 0.438 years.

51. In fact, women should find their first jobs even sooner in countries with military service that in those without, ceteris
paribus, because labor supply of their entering cohort is temporarily reduced while the men are in the military. This
means less competition for jobs in a given cohort and, all else equal, should imply faster job finding.
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mobility early in the careers for these people. Given the results on the time to the first job, it seems
likely that the first explanation (exogenous separation) is more important for France.>?

5.2.2 Earnings Growth

In all of our countries, we calculated earnings growth™ as follows :

(wt+1 B wt)

Wy

Earnings Growth =1, _, *

where w, refers to the relevant earnings measure in period ¢ and 1, is an indicator function taking on

the value 1 when the expression a is true an O otherwise. Thus our earnings growth measure takes on
the value O when there are no first year earnings observed, and it takes on the value of the observed
earnings otherwise.*

Table 1 shows that the vast majority of American and German men and women had positive
earnings in the year immediately following school leaving, while the share is much lower for French
men and women. This is likely to be due at least in part to presence of jobs that began before school
leaving in the United States and the generally lower share of German men who perform their military
service. Nevertheless, the difference also reflects differences in youth unemployment rates across
these three countries more generally.

Average earnings growth between the first 2 years after the end of school is very rapid for men
and women in the United States in France, with earnings more than doubling between the first and
second post schooling. In Germany, on the other hand, earnings growth between the first two post
schooling years is much more restrained.

When comparing earnings growth conditional on having had first year earnings, it becomes
clear that, given the individual had some observed first year earnings, earnings growth between the
first and second post-schooling years is much steeper in France (371% for men and 392% for women)
than in the United States (213% for men and 141% for women). Although these numbers seem huge,
this is largely due to small denominators in the first year following school leaving that are the result of
spending less time in employment the year after the end of school then 2 years after. For this reason,
the differences between the European countries and the United States are not surprising, given that
young people take longer to find their first jobs in Europe than in the United States, and as such the
denominator of the earnings expression will, ceteris paribus, be even lower. These considerations
highlight the need to control for whether or not we observe first year earnings, the time it took to find
the first job and the percentage of time spent in employment overall when we attempt to interpret the
effects of early career earnings growth on later career outcomes.

5.2.3 Employment Variables

We have constructed several different measures of early career employment, each measured
over the 2 years following school leaving. These variables were the number of different employers,
the time spent in employment and the average job duration (measured as the share of time employed
divided by the number of employers times the length of the interval). As average job duration is a

52. This interpretation is consistent with research found elsewhere in the literature. Although fixed-term contracts and special
youth employment programs were introduced in France in the middle of our sample period, these made up an important
part of initial hiring in France (Gelot and Osbert (1995)).

53. We use earnings growth, instead of wage growth, for 2 main reasons. First, wage growth does not capture the (possibly
correlated) changes in hours or employability that can occur at the start of the career, while earnings growth captures
changes in wages, hours and employability in a manner that (by construction) replicates the empirical joint distribution of
these variables. Second, hours data was not available for France, and using wage growth for the other two countries
would have generated non-comparable specifications for the econometric models.

54. In order to control for the possible selection bias that would be introduced by considering only individuals with valid
earnings growth, this approach assigns zero earnings growth to those individuals without first year earnings while
including an indicator variable to identify these cases.
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function of the other two variables, we will only discuss the percentage of time employed and number
of employers statistics at this point.

Table 1 shows that young American men and women spend a larger percentage of their first
two years in employment than young French or young German men and women. This is not surprising
given the statistics on the average time to first job and the additional time to the first job of at least 6
months. However, given that the average French youth takes over a year to get into his or her first job
and additional 21 weeks to find his or her first long job, table 1 suggests that French young people
spend a much larger share of their second year in employment than they spend in their first year.”
This measure suggests that unemployment is not evenly distributed throughout the insertion period,
and that either workers tend to spend less and less time unemployed, or that fewer and fewer workers
spend any time unemployed, as the labor market insertion progresses.

The differences between men and women in the percentage of time spent employed are small
on average in all countries (3.6 days more for American men, 3.3 days more for French women) and
in the direction suggested by the figures on the time to first job ; i.e. in the United States, where men
find their first jobs quicker, they tend to spend a larger share of their first two years in employment,
while the inverse is true for France and Germany.

One possibly surprising difference between the United States and France is in the number of
different employers visited by an individual during the first 2 years after school leaving. On average,
American men had 2.8 employers and American women had 2.7 employers during the first 2 years
after the end of schooling, whereas French men had on average 4.1 employers and French women had
4.5. Given that the French spent less time, on average, in employment than the Americans, this
suggests a much higher turnover rate in France than in the United States. This result is consistent with
the differences in the time to first job of at least 6 months (longer in France than in the United States),
and the caveats concerning stock sampling apply. Nevertheless, this is also consistent with recent
research in France on hiring and firing®® which shows that around 2/3 of new hires in France are on
fixed-term contracts, and that roughly half of these are converted to indefinite term contracts upon
expiration.”” The rest result in separations from the initial employer, implying a much higher turnover
rate, and thus a higher number of employers, than were employers to be allowed more flexibility in
hiring practices in France.”

55. In Margolis, Plug, Simonnet and Vilhuber (1999), we decompose this and all of the other early career variables (except
earnings growth, time to first job and time to first long job) into 6-month intervals. Our results show that time spent in
employment does increase monotonically with time since school leaving for all three of our countries, plus the
Netherlands.

56. See, for example, Abowd, Corbel and Kramarz (1999).

57. The distinction between fixed-term and indefinite-term contracts in France is crucial, as an employer is subject to a
different subset of French labor law depending on the type of contract. Fixed term contracts require no additional costs or
procedures at their expiration if the employer decides not to keep the worker (beyond the “precarity premium” that must
be paid regardiess of the eventual decision to keep the worker), but the employer can only renew these types of contracts
once and must either convert the worker to an indefinite term contract or lay him or her off at expiration. Indefinite term
contracts, on the other hand, impose many more administrative and pecuniary costs on the employer in the event of a
layoff. See Bender, Dustmann, Margolis and Meghir (forthcoming) for details.

58. Another possible explanation for the difference in mean turnover rates could be the different types of data sources. The
NLSY and GSOEP are survey questionnaires with historical calendars, and as such very short spells of employment may be
forgotten by the survey respondent at the time he or she fills out the questionnaire. The DADS, on the other hand, is an
administrative data set where all employers report all spells, regardless of the duration, with all employees during the
year. This implies that some spells that would be captured in the DADS might have been forgotten in the NLSY and GSOEP.
However, our sample statistics concerning the number of employers are not inconsistent with Topel and Ward's (1992)
results, also based on administrative data, who find on average 2.47 jobs during the first 2 years for young American men
(table 3). Thus we do not believe that recall bias is an important reason for the difference in implied turnover rates.
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5.2.4 Occupational and Industry Mobility Variables

Certain recent modifications of human capital theory suggest that, for a given number of
employers, those individuals who change occupation or industry more often will acquire less human
capital in any given industry that may be of use later in life. In addition, Neal’s (1999) analysis of the
complexity of early career mobility suggests that workers who often switch occupation or sector are
having problems finding an adequate match, which delays the start of their real careers. With these
theories in mind, we constructed measures of the number of different occupations and industries
experienced during the first two years after the end of schooling, measured in six month intervals.”

The patterns in the means of the data do not suggest that workers settle in to an industry or
occupation within their first two years on the labor market. Only in the case of American women is
there a trend in industry mobility that looks somewhat monotonically declining. For French men and
women, the tendency is toward an increase in the number of different occupations and industries
experienced. This effect may be due, once again, to military service delaying the true start of job
search (since the number of occupations or industries experienced while an individual is in military
service is set equal top zero). However, as there does not seem to be a major difference in the time
paths of the means between French men and women, this is unlikely to be the main explanation.

5.3 Evolution of the Samples Over Time

Appendix tables 1 to 3 describe the evolution of the analysis samples over time. As these tables
make clear, we are working with unbalanced panels in all of our analyses. Sample attrition is an
important issue for both of the European panels, with over 15 percent of each wave, on average,
disappearing before the end of the observation period.

The earlier cohorts tend to be the most heavily represented in our samples, which is
encouraging in that it implies that there is some chance of having a reasonable number of observations
observed far after school leaving. In fact, even though we start our analysis at five years after school
leaving, 14 percent of American men and women and 64 percent of French men and women are
observable 10 or more years after they left school.

As appendix table 1 shows, we constrained ourselves to look at a maximum of 10 years of post
schooling labor market experience in the United States.® In the French and German cases we included
workers observed through the end of the sample windows, which implies a maximum observable post-
schooling experience of 20 years for France and 12 years for Germany.

59. Once again, the structure of the GSOEP data does not allow us to construct these measures for Germany.
60. We do, however, control for the year of cohort entry, age, age2, age3, age4, and education, so this restriction is less
important.
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Appendix Table 1 - Evolution of the Sample, United States Data

Observation year

School Leaving Year| 1984 1985 1986 1987 1988 1989 1990 1991 1992 1993 Total

Men 1979 192 194 192 193 195 195 0 0 0 0 1161
1980 0 180 181 181 178 181 180 0 0 0 1081
1981 4} 0 218 216 215 219 216 217 0 0 1301
1982 0 0 0 212 213 212 214 215 213 0 1279
1983 0 0 0 0 151 149 146 147 146 148 887
1984 0 0 0 0 0 108 106 107 105 106 532
1985 0 0 0 0 0 0 77 77 76 78 308
1986 0 0 0 0 0 0 0 75 77 75 227
1987 0 0 0 0 0 0 0 0 60 60 120
Total| - 192 374 591 802 952 1064 939 838 677 467 6896

Women 1979] 214 214 214 213 213 212 0 0 0 0 1280
1980 0 214 212 213 213 212 212 0 0 0 1276
1981 0 0 217 217 215 217 217 217 0 0 1300
1982 0 0 0 233 234 234 233 232 235 0 1401
1983 0 0 0 0 137 137 137 137 138 139 825
1984 0 0 0 0 0 115 116 116 116 116 579
1985 0 0 0 0 0 0 82 82 82 82 328
1986 0 0 0 0 0 0 0 81 81 81 243
1987 0 0 0 0 0 0 0 0 42 42 84
Total] 214 428 643 876 1012 1127 997 865 694 460 7316

Source: Authors’ calculations from NLSY Data.

Notes: Tables show number of observations available for percentage of time worked models.

Appendix Table 2 — Evolution of the Sample, French Data

School Leaving Year} 1982 1983 1984 1985 1986 1987 1988 1989 1990 1991 1992 1993 1994 1995 1996 Total

Men 1976} 1454 0 1419 1405 1389 1374 1362 1337 0 1309 1295 1270 1230 1206 1142 17192
1977 1651 0 1610 1587 1568 1538 1519 1499 0 1460 1439 1402 1354 1329 1254 19210
1978, 0 0 1231 1218 1206 1198 1182 1172 0 129 1112 1089 1063 1038 967 13605
1979 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
1980 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
1981 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
1982 0 0 [} 0 0 0 0 0 0 0 0 0 0 0 0 0
1983 0 0 0 0 [ [ 0 0 0 [ 0 0 0 0 0 0
1984 0 0 0 0 0 0 0 45 0 43 42 42 40 40 35 287
1985] 0 0 0 0 0 0 0 0 0 680 671 657 636 621 568 3833
1986 0 [ 0 [ 0 0 0 0 0 46 45 42 42 42 39 256
1987 0 0 0 0 0 [ [ 0 0 0 932 913 889 868 787 4389
1988 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
1989] ] 0 [ 0 0 [ 0 0 0 0 0 0 [ 0 0 0
1990 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
1991 0 0 0 0 0 0 0 0 Q 0 0 0 0 [\ 131 131
Total| 3236 0 4260 4210 4163 4110 4063 4053 0 4667 5536 5415 5254 5144 4923 59034

Women 1976 1138 0 1098 1078 1055 1037 1016 993 0 953 932 894 868 835 766 12663
1977} 1354 0 1312 1290 1264 1227 1194 1162 0 1104 1076 1037 995 957 892 14864
1978 0 0 1095 1079 1057 1032 1011 992 0 938 917 890 845 822 741 11419
1979 0 0 0 0 0 0 0 0 0 [4] 0 [ 0 0 0 0
1980 0 0 0 0 0 0 0 0 0 0 0 0 0 [ 0 0
1981 0 0 0 0 0 0 0 0 [} 0 0 0 [ 0 0 [}
1982 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
1983 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
1984 (] 0 0 0 0 0 0 50 0 45 43 41 40 39 37 295
1985 0 0 0 0 0 0 0 0 0 350 341 332 317 301 267 1908
1986 0 0 [ [ [ 0 0 0 0 45 43 42 38 34 31 233
1987 0 0 0 0 0 0 0 0 0 0 648 628 591 559 504 2930
1988 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0 0
1989 0 0 [ 0 [ 0 0 0 0 0 0 0 0 0 0 0
1990 0 0 0 ] 0 0 0 0 0 0 0 0 0 0 0 0
1991 0 0 0 0 0 0 0 0 4] [ 0 0 0 83 83
Total] 2492 0 3505 3447 3376 3296 3221 3197 0 3435 4000 3864 3694 3547 3321 44395

Source: Authors’ calculations from DADS Data.

Notes: Tables show number of observations available for percentage of time worked models,
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Appendix Table 3 — Evolution of the Sample, German Data

Observation year

School Leaving Year| 1989 1990 1991 1992 1993 1994 1995 1996 | Total

Men 1984 120 110 106 103 94 91 88 84 796
1985 o 103 98 95 94 89 84 75 638
1986 0 0 100 89 94 88 84 83 538
1987 o 0 0 85 81 69 67 60 362
1988 0 0 0 0 85 77 73 66 301
1989] o 0 0 0 0 83 79 7 237
1990] 0 0 0 0 0 0 67 63 130
1991] 0 0 0 0 0 0 0 67 67
Total| 120 213 304 372 443 197 542 573 | 3069

Women 1984] 93 87 82 78 75 70 69 64 618
1985 0 91 87 84 78 73 75 70 558
1986 0 0 89 88 82 78 73 74 484
1987 0 0 0 59 61 60 59 58 297
1988] 0 0 0 0 65 66 63 60 254
1989 0 0 0 0 0 75 74 73 222
1990 o 0 0 0 0 0 54 50 104
1991] 0 0 0 0 0 0 0 50 50
Totall 93 178 258 309 361 422 467 499 | 2587

Source: Authors’ calculations from GSOEP Data.

Notes: Tables show number of observations available for percentage of time worked models.
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Une évaluation économétrique de
I’impact des politiques publiques d’emploi sur
les trajectoires professionnelles des demandeurs d’emploi

Céline Souhami Gasquet

Introduction

Ce papier propose une évaluation économétrique de I’impact des politiques publiques d’emploi
sur les trajectoires professionnelles des demandeurs d’emploi. La réalisation d’une telle évaluation
empirique souleve des difficultés conceptuelles et méthodologiques spécifiques en raison notamment
de la triple dimension de toute trajectoire professionnelle : temporelle, individuelle mais également
locale. Nous commengons par exposer la problématique générale de notre travail (1). Nous présentons
ensuite les données utilisées (2) puis les modeles estimés et les principaux résultats obtenus (3).

1. Identifier les dimensions individuelle, temporelle et locale des trajectoires
professionnelles

1.1 Politiques publiques d’emploi et trajectoires professionnelles

L’évaluation des politiques d’emploi est confrontée, comme toute évaluation de politiques
publiques, & un probléme d’identification. Ce probleme s’articule autour de la définition de I’objet de
I"évaluation et du choix des méthodes appropriées censées identifier les effets nets d'une politique
publique. Lorsque I’évaluation porte sur des politiques d’emploi, différentes délimitations de 1’objet
peuvent étre effectuées selon le niveau auquel on se situe. Nous nous intéressons ici aux effets
microéconomiques de ces politiques sur les individus. S’interroger sur les effets des politiques
d’emploi suppose alors une réflexion préalable sur leurs objectifs. Nous posons qu’elles visent 2
ameéliorer les trajectoires professionnelles des individus. L’usage des trajectoires professionnelles dans
une démarche d’évaluation reléve alors d’une approche longitudinale qui consiste 4 rendre compte de
la qualité des états successivement occupés par un individu et de la dynamique qui les génére. Plus
précisément les politiques d’emploi peuvent chercher A favoriser 'accés a I’emploi, différentes
interprétations d’un tel objectif pouvant &tre faites selon que cet accés a I’emploi s’entend comme
I'obtention d’un emploi quelconque, I’obtention d’un emploi stable ou encore I’obtention d’une
« position stabilisée dans I’emploi» pour reprendre I’expression de Vernidres (1997). Cette
amélioration des trajectoires professionnelles peut se faire de différentes fagons. En augmentant le
capital humain des bénéficiaires, le passage par une mesure doit leur permettre d’accroitre leur
productivité et donc d’obtenir des emplois mieux rémunérés. En augmentant le capital humain des
bénéficiaires, le passage par une mesure doit leur permettre d’accéder au secteur primaire et par 13 a
des emplois moins précaires. En améliorant la qualité de leur recherche d’emploi, grace en particulier
a une meilleure information sur la distribution des offres d’emplois et des salaires offerts, le passage
par une mesure doit leur permettre d’accroitre leur probabilité d’obtenir un emploi. Ces divers effets
renvoient a des conceptions théoriques différentes du role de la formation : les modeles de capital
humain, les modeles de segmentation et les modeles de prospection ou une combinaison des trois.



Si les politiques publiques d’emploi sont susceptibles d’agir sur les trajectoires professionnelles,
elles n’en constituent pas moins qu'un des déterminants. Plus largement une double dimension,
temporelle et individuelle, est reconnue aux trajectoires professionnelles.

1.2 Trajectoires professionnelles, déterminants individuels et processuels

Les analyses du processus d’insertion professionnelle retiennent traditionnellement les
caractéristiques personnelles des individus comme facteurs d’explication : ’age, le sexe, la formation
initiale, les expériences connues sur le marché du travail, etc. A P’instar du découpage retenu par
Eckert et Hanchane (1997) nous proposons de distinguer deux grands groupes de déterminants
individuels selon qu’ils relévent d’une temporalité archéologique ou processuelle.

Les déterminants archéologiques concemnent les caractéristiques définitivement acquises par un
individu, & savoir les caractéristiques initiales socio-démographiques comme le sexe, I'origine
géographique et familiale ainsi que les caractéristiques socio-économiques acquises dans le systéme de
formation initiale. Les difficultés rencontrées par certaines populations sur le marché du travail
peuvent étre interprétées au regard de la théorie du capital humain (Becker, 1964). Elles trouvent leur
origine dans un manque de formation des individus : formation générale insuffisante pour les moins
diplomés, formation spécifique obsoléte pour les plus agés, manque d’expérience sur le marché du
travail pour les plus jeunes... Trop cheres, ces populations ont du mal a étre embauchées et si elles le
sont, percoivent de faibles rémunérations, corollairement a leur faible stock de capital humain
accumulé. A I'inverse, un niveau de formation plus élevé permet aux individus d’accroitre leurs
chances d’accéder a I’emploi en améliorant la qualité de leur recherche d’emploi, en les plagant sur
des segments du marché du travail ou la tension entre I’offre et la demande de travail est moins forte,
en élargissant leurs possibilités de déclassement (Balsan, 1999). Ce n’est cependant pas seulement le
niveau absolu de formation de I’individu qui importe : sa position relative peut également intervenir.
Ces difficultés peuvent en effet &tre également interprétées au regard des théories du filtre d’ Arrow, du
signal de Spence ainsi que des modeles de concurrence pour ’emploi de Thurow. Ces théories
permettent d’interpréter ’utilisation des caractéristiques des individus comme critéres de sélection a
I’embauche : certaines populations connaissent des difficultés d’insertion et de réinsertion
professionnelle non pas forcément en raison d’une employabilité réellement faible, mais en raison
d’une employabilité percue comme faible par les employeurs.

Des individus présentant les mémes caractéristiques socio-démographiques et socio-
économiques peuvent cependant se retrouver dans des positions différentes sur le marché du travail.
Contraire aux positions défendues dans la théorie du capital humain, un tel constat est a relier a la
nature dynamique et processuelle de I’insertion et la réinsertion professionnelle : « la succession des
situations est a la fois le résultat des mobilités passées et une des causes des mobili<ns1:XMLFault xmlns:ns1="http://cxf.apache.org/bindings/xformat"><ns1:faultstring xmlns:ns1="http://cxf.apache.org/bindings/xformat">java.lang.OutOfMemoryError: Java heap space</ns1:faultstring></ns1:XMLFault>